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Abstract. 7%is paper summarnizes the arguments and counterarguments within the scientific discussion on the
Issue of forecasting fourism demand and fouristic flows. During COVID-19 fourism sphere suffered a lot in the whole
world. Many countries try to do forecasts and make recovery plans for tourism. Tourism has been a growing sphere
In Armenia in recent years. However, the number of incoming fourists decreased by 80 percent because of the
pandemic. The main purpose of the research is fo forecast fourism demand in the Republic of Armenia.
Systematization of scientific sources and approaches for solving the problem identified many methods and models for
doing forecasts. The variables used to depend on the method selected. For gaining the research goal, the study was
carried out in the following logical sequence: 1) discussion on some literature sources; 2) analysis of the current
Situation of tourism in Armenia; 3) interpretation of forecast resuls; 4) providing some recommendations. The
methodological fool of the research was mainly the ARIMA method. The data rest on the publications of the Statistical
Committee of the Republic of Armenia. Time series for the number of incoming fourists include from 2001-Q1 till 2019-
Q4 data. 2020 was not included in the model, as there was a sharp decline. Besides, in the second quarter of 2020,
there were no fourists at all because of restrictions and flight cancellations. The oblained data show that if there were
no panaemic, the number of incoming fourists would increase on average by 12.81% in 2021, 13.42% —in 2022, and
13.66% — in 2023. The resulfs are realistic. The tourism sphere is expected to grow in 2021. This paper suggested
some steps for recovering and restoring tourism, particularly by using aggressive marketing strategies, word-of-mouth,
Influencer marketing, efc. The research results could be useful for state organs of the sphere to forecast their strategic
policies. The applied approach and suggestions may be helpful in many countries which try to restart tourism affer the
pandemic.

Keywords: tourism, pandemic, ARIMA, forecast, marketing.

Introduction. Tourism is one of the main sectors of the economy of the Republic of Armenia (RA). It
has a significant impact on a country's socio-economic development. Nowadays, many countries have
sustainable development plans. It means that tourism should benefit the countries' social, cultural,
economic, and environmental spheres. Tourism generates income, contributes to the development of
infrastructures, creates jobs, decreases poverty rates, brings recognition of cultural values, helps to keep
the environment, involves new investments, etc.

Many countries today depend on tourism. Herewith the pandemic showed that their economy suffers
a lot. Countries today take measures to restart and recover international tourism. Some of them have
opened their borders for vaccinated tourists or have negative PCR test results. On the other hand, some
countries still have strict restrictions.

However, restarting tourism by keeping all the requirements concerning wearing masks, etc., is vital
for economies. According to the publications of the World Travel and Tourism Council, the total
contribution of tourism in GDP in the RA amounted to 774.67 billion Armenian dram or 1.6 billion US dollars
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(11.8% of GDP) in 2019, providing 12.5% of total employment or 124600 jobs (World Travel and Tourism
Council, 2020).

Before the COVID-19 pandemic, the tourism sphere was growing at high rates in Armenia. 2020 was
a year of significant decline for tourism in the world and Armenia. The number of incoming tourist visits to
the RA in the pandemic conditions was 375216 people in 2020. Remarkably, it decreased by 80%
compared to the previous year (Statistical Committee of the Republic of Armenia, 2021).

This article aims to forecast the number of incoming tourists in the RA. For doing forecasts, the study
involved the ARIMA model. The theoretical analysis showed many methods and models to conduct
forecasts. Besides, many variables are used to model and forecast tourism. Of course, while choosing the
best forecasting method, statistical data are important. It is crucial to do many steps to restart and recover
tourism, especially aggressive marketing activities, to promote incoming tourists to the RA. For revising
tourism development plans, state organs and private tourism organizations should do forecasts. Therefore,
the article results may be useful. The article suggested some marketing techniques which should be done
using social networks.

Literature Review. Different authors use various methods to forecast tourism demand (Table 1). In
many cases, the selection of the method depends on the availability of variables’ statistical data.

Table 1. Summary of tourism forecasting methods analyzed in literature sources

Method Author

Naive 1, 2 Witt et al. (1992)

Naive 1, 2; ARIMA; Trend ~ Chan (1993)

Delphi Kaynak et al. (1994)

ARIMA; SARIMA Dharmaratne (1995); Song and Li (2008); Kulendran and Wong
(2005)

Trend; ARIMA; Naive 1 Pattie and Snyder (1996)

ARMAX Kim and Uysal (1998)

AR; SARIMA Kim (1999)

SARIMA Lim and McAleer (2000); Huang and Min (2002)

ARIMAX; ARIMA Cho (2001)

ADLM; ECM, ARX Song and Witt (2003)

VECM Dristakis (2004)

ADLM; CI; ECM; TVP, VAR  Li et al. (2006);
Li (2009)

BVAR; VAR; AR Wong et al. (2006)

SARIMA; VAR; ADLM; Wong et al. (2007), Shen et al. (2011)

ECM

Delphi; SARIMA; Trend Lee et al. (2008)

ADLM Wang (2009), Lin et al. (2015)

ECM Song and Lin (2010), Goh (2012)

ARIMA Cho (2001); Andreoni and Postorino (2006),

Loganathan and Ibrahim (2010); Krasi¢ and Gatti (2009); Choden
and Suntaree Unhapipat (2018); Bigovi¢ (2012); Milenkovic et
al. (2013); Petrevska (2017)

ARMA Chu (2009); Ghalehkhondabi et al. (2019)

AR, VAR, BVAR, FAAR, Poghosyan and Tovmasyan (2021)

FAVAR, BFAVAR

Source: Composed by author based on the research in academic platforms
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Some analyses show that the following factors can influence international tourism demand: income,
relative prices between prices of origin and destination, exchange rates, relative prices between a
destination and its competing destinations, cost of transportation, marketing expenditures, consumers’
preferences, the effects of special events and other factors such as the effects of word of mouth (Yap,
2010). According to Dritsakis and Athanasiadis (2000) the main variable that definitely influences tourist
movements positively is growth in Gross National Product (GNP).

According to Ghalehkhondabi et al. (2019) there is no forecasting method which can develop the best
forecasts for all of the problems. Combined forecasting methods are providing better forecasts in
comparison to the traditional forecasting methods. The modern econometric models that have been used
in tourism demand analysis are: Autoregressive distributed lag (ADL) model, Cointegration (Cl) and error
correction models (ECMs), Time varying parameter (TVP) model, Vector autoregressive (VAR) model, etc
(Li etal., 2006; Li, 2009). Many researchers use ARIMA model for forecasting tourism flows, for example
Choden and Suntaree Unhapipat (2018), Petrevska (2017), etc. The ARMA models are a type of stationary
stochastic models that consist of two models of autoregressive and moving average models
(Ghalehkhondabi et al. 2019). Andreoni and Postorino (2006) used the univariate and multivariate ARIMA
models to forecast air transport demand. ARMA-based methods were used by Chu (2009) for forecasting
the tourism demand.

Krasi¢ and Gatti (2009) used ARIMA to find the volume of tourist arrivals in Croatia. Their model also
considered the interventions of Croatia war activities between 1991 and 1995, based upon historic data.

Loganathan and Ibrahim (2010) used ARIMA to forecast international tourist arrivals to Malaysia.
Bigovic¢ (2012) used ARIMA to forecast the Montenegrin tourism demand. The ARIMA model was also
used by Milenkovic et al. (2013) in order to predict the railway passenger demand.

Empirical studies present contradictory evidence when using ARIMA and SARIMA models (Song, Li,
2008). Cho (2001) showed that the ARIMA model outperformed two other time series models in all cases.
Goh and Law (2002) suggested that the SARIMA models outperformed eight other time series methods
while the non-seasonal (simple) ARIMA model's performance was above the average of all
forecasting models considered. Smeral and Wiiger (2005) found that the ARIMA or SARIMA model could
not even outperform the Naive 1 (no-change) model.

Thus, the literature review demonstrates the variety of forecasting methods. For the Republic of
Armenia there are no research works done on forecasting incoming tourism demand. For filling the
research gap for Armenia, the best discussed method which will be suitable for Armenia, is ARIMA, as
there are no available statistical data for different variables of incoming tourism. The necessity and
importance of this study is conditioned with the lack on research studies on this topic for Armenia. This
research may have both empirical and theoretical significance, as it will add value to Armenian tourism
research and theory, besides, the results may be used for further forecasts and policy making.

Methodology and research methods. In order to do forecasts for incoming tourists the ARIMA
modelling and forecasting approach was used in this article. The research question of the investigation
was as follows: How will the number of incoming tourists change in future years? This article involved the
ARIMA modeling and forecasting approach to forecasting the incoming tourists. It stands to note that Box
and Jenkins (1970) suggested this approach. That is why ARIMA is also called the Box-Jenkins approach.
The Box-Jenkins modeling procedure involved a preliminary analysis (data transformation) and an iterative
three-stage process as follows: model-identification; model estimation; model-checking.

Each stage concerns a question:

Preliminary analysis: Are the time series stationary?

Model identification: What class of models can generate the transformed series in the best way?
Model estimation: What are the model parameters?

Model-checking: Are the residuals from the estimated model white noise?
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According to the preliminary analysis, it should be mentioned that the preliminary time series was not
stationary. Thus, the trend component was included. Some preliminary transformations were conducted
to transform the series to be stationary, particularly logarithmic levels that have been seasonally adjusted
and then differenced. As a result, the series was made stationary. For checking the stationarity, Dickey-
Fuller test statistics were used (Enders, 2010). The source of statistical information for the analysis is the
Statistical Committee of the Republic of Armenia. The time series for the number of incoming tourists
included 2001-Q1- 2019 Q4 data.

Results. Tourism is one of the main economic sectors in the Republic of Armenia. Remarkably, it has
shown growth tendencies in recent years. However, the COVID-19 pandemic disrupted the growth of the
tourism sector in the world and Armenia. Because of closed borders and international restrictions on
movement, the tourism sector suffered significant losses worldwide. In 2019 the number of international
tourists in the world was 1.5 billion people (UNWTO, 2020a). According to forecasts, it should reach up to
1.8 billion in 2030 (UNWTO, 2011). However, in 2020 the number of international tourists was 381 million,
the decrease was 74% (UNWTO, 2020b). According to the Statistical Committee data of the Republic of
Armenia, in 2019, 1894377 tourists arrived in the RA (increasing by 14.7% compared to 2018) (Statistical
Committee of the Republic of Armenia, 2020b). In turn, in 2020, the number of incoming tourists to the RA
under the pandemic conditions was 375216. Thus, it decreased by 80% compared to the previous year
(Statistical Committee of the Republic of Armenia, 2021).
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Figure 1. Number of incoming and outgoing tourists in Armenia, 2015-2020
Sources: developed by the authors based on (Statistical Committee, 202).

Analysis of the tourist visits by quarters of 2019-2020 (Table 2) showed that in 2020 Q1 inbound tourist
visits amounted to 311264. Thus, it decreased by 14.6% compared to the same period of the previous
year. In April-June, July-August, no incoming tourist visits to the RA were registered since the borders
were closed and flights canceled. Remarkably, 16471 inbound tourist visits were registered in September,
while 47481 — in the fourth quarter (October-December). It turns out that in 2020, compared to 2019,
1519161 fewer tourists came to Armenia.

Still, at the beginning of 2020, the Government of the RA took steps to restrict travel, ban foreigners
from entering the RA, and declared a state of emergency. The government has adopted a comprehensive
COVID-19 countermeasures program (packages of economic impact mitigation measures). Herewith
some beneficiaries of this program were tourism organizations and employees. A detailed analysis of
these steps may be found in the previous research studies (Tovmasyan, 2020).
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Table 2. The number of incoming and outgoing tourists of the RA, in 2019-2020 by quarters
2019 Q1 2019Q2 2019Q3 2019 Q4 2020 Q1 2020Q2 2020 Q3 2020 Q 4

{gﬁﬁg‘tg‘g 364,489 405566 689,097 435225 311,264 ; 16471 47,481
gﬂi?;i;”g 317,891 366,917 627474 555606 275,716 - 10,511 59,866

Sources: developed by the authors based on (Statistical Committee, 2021).

Now non-citizens of the RA may visit the country both by air and land if they have a certificate of up to
72 hours confirming the negative result of the COVID-19 PSR test or have a certificate of vaccination.

Table 3. Incoming tourist visits to the RA by purpose, 2017-2020

2017 2018 2019 2020
Incoming tourists to Armenia 1494779 1651782 1894377 375216
Incoming tourists staying in hotel facilities 264702 307473 550289 97550
of which by purpose: 100% 100% 100% 100%
— business 23,9% 27,3% 15.9% 15,8%

— leisure and entertainment 52,8 % 48,8 % 55.4 % 50,3%

— medical treatment 0,2 % 1,4 % 0.5% 0,4%

— other 231 % 22,5% 282 % 33,5%

Sources: developed by the authors based on (Statistical Committee, 2021).

Table 2 shows that in 2019, 29% of incoming tourists (550289 tourists) stayed in hotel facilities, while
the rest of 1344088 — in a friend's or relative's house, or rented apartments, etc. In 2020, 26% of incoming
tourists (97550 tourists) stayed in hotel facilities. The purpose of the visit of the majority was leisure and
entertainment. Forecast of incoming tourism in Armenia. As shown above, tourism visits into the RA have
been growing in recent years. To forecast the number of incoming tourists for the future, the ARIMA model
was used. In the methodology part, it is already described some steps of analysis. After checking the
stationarity of the time series, the ARMA process order was identified using differenced series. For that,
Akaike information and Bayesian information criteria were used. These criteria can be calculated using
the following formulas.

AIC(p, q) = In(c?) + 222 (1)

BIC(p, q) = In(g?) + D2+0 2)
where p and q are orders for autoregression and moving average processes; T is the length of times
series; 02 is the variance of the white noise (Johnston and DiNardo, 1996).

Thus, the AIC and BIC have been calculated. Table 4 presents the obtained results. Table 4 presents
all possible combinations for AR and MA orders. Thus, 8 possible cases were considered, where the
orders can be 0, 1, and 2. The orders are the corresponding lags of the ARMA model. Table 4 shows the
lowest values of the AIC and BIC were reached in the case of AR =2 and MA=2, AR =2, and MA = 1.
Both cases were applied for forecasting the numbers of incoming tourists. A maximum likelihood
estimation approach, particularly a nonlinear optimization algorithm, was used to estimate the unknown
parameters.
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Table 4. AIC and BIC results for AR and MA processed
AR=2, AR=2, AR=1, AR=2, AR=0, AR=1, AR=1, AR=0,
MA= 2 MA=1 MA=2 MA=0 MA=2 MA=1 MA=0 MA=1
AIC 3842 385.0 411.8 408.3 393.0 410.9 420.9 422.8
BIC 39.5 395.2 4221 414.5 401.3 4191 425.0 429.0
Sources: developed by the authors based on (GitHub, 2020).

After estimation, it was checked whether the model errors were white noise processes. In other words,
it was checked whether:

E-(&)=0 (3)
E-(?) = o2 4)
E-(g-e)=0fort#m (5)

After all these steps, the average values of forecasts produced by the above-mentioned two models
were taken. Table 5 shows the results of the forecast.

Table 5. Predicted values of the growth of the number of incoming tourists (in %, compared to
the same quarter of the previous year), 2021-2023

Q1 Q2 Q3 Q4 Yearly average
2021 12.18 13.80 12.21 13.06 12.81
2022 13.72 12.68 13.74 13.54 13.42
2023 13.31 13.95 13.61 13.75 13.66

Sources: developed by the authors based on (GitHub, 2020).

Thus, the results of the study indicate, that in 2021 the number of incoming tourists will increase by an
average of 12.81% per year, in 2022-13.42%, and in 2023-13.66%. Based on the results, the answer of
the research question is, that in future years the number of incoming tourists will continue to grow.

Conclusion. COVID-19 pandemic has affected the world tourism sector. Nowadays, many countries
again impose severe restrictions, while flights are not fully restored. Therefore, it is obvious that in the
future, tourism still has to be organized in conditions of «closure» until it is possible to return to normal life
after being vaccinated against the infection. The forecast results showed that incoming tourism would grow
in future years. It means that the government and the private organizations of this sphere should take
some measures and implement some activities to promote tourism at a high speed.

However, it should be noted that the time series for the number of incoming tourists included 2001-
Q1- 2019-Q4 data. 2020 was not included in the model, as there was a sharp decling, in addition, in the
second quarter of 2020 there were no tourists at all. However, the data obtained show that if there were
no pandemic, then for example in 2021 the number of incoming tourists would increase by an average of
12.81% per year. This result may be expected in 2021, as after last year lockdown, now tourism is
restarting slowly. It should be noted that since there are no more detailed statistics on the incoming tourism
to Armenia for the whole period, what country they come from, what gender or age the tourists are, what
their preferences are, what factors influence their decision to visit Armenia, then the ARIMA method is the
most convenient method for making predictions in this case. In case of obtaining detailed statistical data
on incoming tourists regarding their country of origin, age, income, etc., other models may be used as well
for doing forecasts. For example, it may be possible to forecast how much tourists will come from certain
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countries taking into account their income level, distance from Armenia, traveling costs, tour costs to other
countries, visa requirements, and other parameters. However, this was the first step to forecast incoming
touristic flows to Armenia, and the results seem realistic. Being the first attempt, this research has both
theoretical and empirical significance. First of all it adds value to scientific literature, besides Armenian
tourism theory and practice will be developed based on such studies. This study comes to fill the research
gap for Armenia. The empirical significance of the study is that researchers, private sector of tourism, state
agencies of tourism development may elaborate tourism development policies based on the forecasts
results. ARIMA model seemed to present good forecasting results, and it may be used in future for more
forecasts. Based on the study results the incoming tourism will grow, so now it is very important to present
Armenia abroad as a safe and attractive tourist destination. It is necessary to pursue an aggressive
marketing policy, presenting our tourism resources - rich historical and cultural heritage, the fact of being
the first Christian country, delicious national cuisine, wine - brandy, beautiful nature, favorable conditions
for rural recreation, resort resources, etc.

When promoting incoming tourism, the expected trends of tourism for 2021 should be taken into
account, that international travel will be reduced, will be implemented in the most urgent cases, for
example, for business visits or treatment, tourists will be more cautious, will take into account the level of
tourism safety, will visit safer countries or places where the risk of infection is low, the demand for non-
mass tourist attractions will be increased, etc.

The Republic of Armenia is considered as a non-mass tourist destination, in the conditions of the
pandemic this circumstance can be used as an advantage, presenting the country in advertisements
carried out through social networks as a safe place. In order to promote incoming tourism, it is necessary
to develop new routes, carry out aggressive marketing, branding, expand the information on the official
tourism website, etc. Now the existence of a well-developed brand is of great importance, it can position
Armenia as an attractive tourist destination.

As known, currently the main information platform for tourists is social media, so it is necessary to
carry out an "information-psychological war" on various social platforms; Facebook, Twitter, Vkontakte,
Instagram etc., by disseminating materials not only to inform about the tourist offers of the Republic of
Armenia, but also to create a certain mood, knowledge and a behavior among the international community,
forcing them to visit Armenia. Moreover, such special campaigns should be organized so that the above-
mentioned is carried out not only by travel companies, by the official tourism page of the Republic of
Armenia, but also by all citizens using social networks. Dissemination of information by everybody with
relevant pictures and hashtags "Visit Armenia”, "Visit the world's first Christian country", "Visit one of the
oldest countries in the world" will certainly increase the level of awareness about Armenia as an
international tourism destination. This campaign should be organized by the Tourism Committee, which
will systematically develop relevant materials, which will be actively disseminated by the users. Today,
information-psychological wars are widely used on social networks for various purposes, especially
political. The same can be done to promote tourism in Armenia. Social platforms are used a lot nowadays
by tourists and being very active in such websites is very important for Armenia. The promoting information
about Armenia should be very convincing, the slogans, pictures should be attractive for eye in order to
provoke a desire to visit Armenia.

Today many countries use social networks for connecting people, attracting tourists. The results show,
that social marketing has a great impact on tourism flows. In the current conditions, considering the
economic crisis situation created by the outbreak of the pandemic, it is vital to take measures to stimulate
the economy, so restarting the tourism sector is essential for the Armenian economy. Thus, the forecast
results and the suggestions may be useful for developing policy and for further research of the sphere. As
ARIMA forecast model showed the future growth of incoming tourism demand, the aggressive marketing
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and promotion steps suggested here are highly significant and should be done by all stakeholders of the
sphere.
Funding: This research received no external funding.
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[asHe ToBmacsH, Ph.D., BipmeHCbKuin AepKaBHU EKOHOMIYHMIA yHIBEPCUTET, AkafeMis LepkaBHOro ynpasniHHa Pecny6niku
Bipmenisi, Pecny6bnika Bipmenis

MporHo3yBaHHA TypMCTMYHOrO NonuTy Ha ocHoBi ARIMA-MopentoBaHHA: Ha npuknagai Bipmenii

Y cTaTTi y3aranbHEHO apryMeHTV Ta KOHTpapryMeHTU Y pamkax HaykoBOi AMCKYCii OO METOAIB NPOTHO3YBaHHS MOMMUTY Y
TYPUCTUYHOMY CEKTOpi. Y CTaTTi HaronoweHo, Wo TypucTuyHa ranysb Pecnybniku BipmeHis ctpiMko possuBaetbesi. OpHak,
BHacnifok HacTanHs nanaemii COVID-19 kinbkicTb TypucTiB ckopoTunack maike Ha 80%. Maxpemis COVID-19 cnpuynHuna 3HauHi
30WUTKM y TYPUCTUYHIl iHAYCTPIi BCbOTO CBITY. 3 Ornsigy Ha Le, AOLINbHAM € NPOrHO3yBaHHs PO3BUTKY TYPUCTUYHOTO CEKTOPY 3 METOI0
chopmyBaHHs epeKTMBHOI CTpaTerii HOro BigHOBNEHHS. MeTolo JOCHIMKEHHS € NPOrHO3yBaHHs! PO3BUTKY TYPUCTUYHOTO MOMUTY B
Pecny6niui BipmeHis. [Ins gOCArHEHHs NOCTABNEHOI METH, AaHe OOCTIMKEHHS MPOBEAEHO Y HACTYMHil MOTiYHiA NOCNIAOBHOCTI:
1) ornsig HaykoBWMX HampaloBaHb 3 AaHOi npobremaTuku; 2) aHanmia po3BUTKY TYpUCTUYHOI iHAYCTpii Pecnybnikn Bipmenis;
3) iHTepnpeTaLis  OTpUMaHWX pe3ynbTaTiB MPOrHO3yBaHHs; 4) (OPMyBaHHS pPEKOMEHAAUid BIAMOBIAHO [0 OTPUMAHMX
NPOrHOCTUYHIX JaHuX. 3a pesynbTaTtamu aHanisy HaykoBuX HanpaLtoBaHb Ta NiaxoAiB A0 BUPILLEHHS AOCMIMKyBaHOi npobnemaTuku
6yno y3aranbHeHo iHCTpyMeHTapiit Ta Mogeni NporHo3yBaHHs. BctaHoBneHo, Wo 3miHHi Mogenen 3anexarb Bif obpaHoro metoay
NPOrHO3yBaHHS. 3Baxatoum Ha Lie, aBTOPOM 3anponoHOBaHO BukopucToBysaTi mogens ARIMA. EmnipuyHuit aHania 6asyeTbes Ha
naHnx CtatuctuuHoro komiteTy Pecnybniku Bipmenis 3 2001 no 2019 pik. o BuBipku JOCTimKeHHs He BKMoYeHO AaHi 3a 2020 pik,
yepes pi3ke CKOPOYEHHS KiNbKOCTI MiXaepKaBHWUX TYPUCTIB. HaronowweHo, Wo Yepes XopcTki 0BMEXEHHS Ta CkacyBaHHs Peiicia, y
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apyromy kBaptani 2020 poky y KpaiHi He 6yno 3apeecTpoBaHO XOLHOTO iHO3EMHOrO TypucTa. 3a pesynbTaTamu MPOrHO3yBaHHS
BCTAHOBEHO, L0 Y BUNAAKY BACYTHOCTI NaHAeMii, KinbkiCTb Npuixmxux TypucTis 3pocna 6 y cepeaHbomy Ha 12,81% y 2021 poui,
Ha 13,42% —y 2022 pouj Ta 13,66% — y 2023 poui. Mpu LbOMy OTPUMaHi pe3ynbTaTi [aloTb MifCTaBM CTBEPAXKYBATH, LLIO Ha KiHELb
2021 poky KinbkicTb TypucTiB 3pocna 6. Y poboTi HagaHoO pekomeHZauii OO BIBHOBMEHHS Cepn TypuaMmy, 30kpema, 3a
[0MOMOrOK arpecuBHUX MApKETUHIOBKX CTpaTerii, capadaHHoro pagio, iHghmoeHcepis Towo. Pe3ynbTati BOCHIMKEHHS MOXYTb
6yTV KOpUCHUMK NS OpraHiB JepxaBHoi Bnaam mig Yac hopMyBaHHs CTpaTeriyHoi nonituku y cdepi Typuamy. 3anponoHoBaHui
nigxig Ta Npono3uLii € akTyanbHAMKU ANs Pi3HNX KPaiH, siki HaMaraTbCs BIGHOBUTM TYPUCTUYHWIA CEKTOP Bif HETraTUBHOTO BMMMBY
naHzaemii.
KnioyoBi cnosa: Typuam, nanaemisi, ARIMA, nporHo3, MapKeTuHr.
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