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Abstract: This study is conducted to understand consumers’ preferences with different demographic variables on their
car purchase decision based on features the car offers and the cost consciousness variables considered mainly by
consumers, as suggested by previous studies on this topic. The judgmental survey method was used for this research
using a structured & non-disguised questionnaire to collect the responses. The pilot survey was used to understand the
instrument’s reliability and validity total of 200 respondents were contacted, but 143 responses were received. The
response rate was almost 72% of the reached respondents. But, only 103 usable responses were considered for analysis
as there were 40 responses found not to be a worthwhile while. 13 were inconsistent with their answers, 22 had missing
values with essential questions, and the remaining 5 were outliers in their response. The shortlisted sample size (with
almost 50% responses) is adequate for this type of research. Factor analysis with PCA is performed to group the
variables and define the dependent variables for this study. The two dependent variables were defined from this. They
are described as features of the cars and cost consciousness. Then ANOVA is used to get p-values for the regression
scores of the independent demographic variables to understand the impact. The findings of this study show that none of
the essential demographic variables of consumers (here gender, education, occupation and age) has shown a significant
impact with features and cost consciousness as dependent variables in car purchase decisions. These findings contradict
the studies done in the past. It is find from this study, that the consumers are more fashion-conscious and environmentally
conscious than cost-conscious. This result may be because of the characteristics of the sample, which shows that there
is no significant impact of any of the demographic variables on the car purchase decision based on the feature of the car
as well as cost-consciousness factors like resale value, maintenance and fuel. The results of this study may change if the
sample contains equal percentages of the consumers for all the demographic factors. The results may vary if the sample
has more part-time employees and other types such as students, retired and unemployed.
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Introduction. Indian auto sector contributes around 49 percent to India’s Manufacturing GDP, as
mentioned by all industry reports (Auto PunditZ, 2022). This sector has been one of the leading driving forces
for the Indian Economy for the last 25 years. This sector contributes around 7.5 percent to the GDP, which is
said to be a growth engine for the Economy. After two years of the pandemic, the Indian automotive industry
has seen notable growth during the financial year 2021-22. The CAR sector in India has registered an increase
of 26.4 percent in August 2022 as against August 2021 mentioned in automotive sales reports (Auto PunditZ,
2022). This growth will continue in festive seasons across India and will surely reach the highest towards this
year-end. Indian consumers will continue to purchase cars despite the shift towards shared mobility
worldwide. The car purchase decision of Indian people varies with demographic variables like gender,
education, occupation, and age (Dhanabalan et al., 2018).

Two decades back, purchasing a car in India was considered a luxury. However, today car has become one
of the essential family members and is almost a necessity for every family in tier 1, tier 2, and even tier 3
cities. The reasons are many, but the most important is the increasing salaries of young people. This young
population prefers buying a car first rather than going home, which was not the situation a few decades back
(Anable, 2005). The other most important reason is the availability of many easy loan options with affordable
interest rates. The number of working females is also increasing in these cities, and they feel more secure and
comfortable in their car than by public transport like City Bus, Metro, or OLA/UBER rental options (Koppel
et.al. 2008; Wells et al. 2020) Their salaries are also at par with their male counterparts in most private jobs.
Hence, they have the same buying power as males, which was not the case in India. The primary reason for
buying a car for the older population in India is because their kids are in the IT industry, and they don’t have
any responsibility and expenses towards such kids. Another way the kids support and suggest going for sedan
cars is for their parents. Another point of this increase in car purchases is that many options are available in
the car segment based on the need of all category consumers (Lee et al., 2019; Gaofeng et al., 2021).

In India, the study shows that “Hatchbacks and Sedans” are general categories of cars among Indian buyers.
Based on parameters like comfort you get in the vehicle during driving, the size of the car, technology to
support in traffic and during parking, price of the car, and most common fuel economy, there are differences
between these two types of cars available in the market. These factors play a decisive role in consumers’
purchase of the car by different age groups. The research reports show that females and young consumers
prefer the Hatchback while older ones like the sedan segment. But here, one should note that after exponential
growth from 0 to 25% CAGR from the year 2000 to the year 2011, Indian luxury-sedan segment car sales are
showing a sharp decrease from CAGR of 25% in 2011 to 14% in the year 2021 as reported by Auto PunditZ
study (Punditz, 2018). The main reason may be decreasing Rupee value and hence are exposed to foreign
billing currency fluctuations. These cars come either through the CKD (completely knocked down) or the
CBU (entirely built unit) import route, which has complications.

What was mentioned as “Impossible” three years back is now happening in India. Electric car sales are
rising fast than predicted in the Indian car market. The obstacles are slowly being removed, and owning and
driving an EV is very practical now in the cities. A research study claims that these cars offer fuel efficiency
and reduce pollution. In September 2022, the total electric car sales were 3,419 units per the report, indicating
a YoY growth of 172 percent. If it is measured on a MoM basis, it’s a growth of 5.62 percent, which is
reasonably good as the EV is very new in the market. We can say that the increase in EV adoption is improving
and cannot be labeled a failure.

But the situation across the world is not very promising. It is showing negative trends as supported by
current industry and research studies. The Mckinsey report on «Automotive revolution — perspective towards
2030» states that «Consumer Mobility Behavior (CMB)» is shifting very fast toward shared mobility. «Fit for
the Purpose» agile mobility services are preferred by most consumers worldwide. Moody’s Sept. 2022 report
also has changed its rating for the global automotive industry from negative to stable due to the improving
macroeconomic situations and increasing consumer demands worldwide. These outlooks and trends are
creating many challenges for the automotive sector worldwide. Thus, even if the current situation in India
promises good prospects, there is a need for research to study any silent shifts in consumer preferences. Any
hidden patterns about choices of the age groups and find new variables, if any, coming out which are popping
up to influence the Indian consumer car purchase decisions.

Buying a car was a family decision a few years back in India. However, studies show that it is now
individual for unmarried and understand the life partner choice for married Indian consumers. The objective
of this research is to comprehend such new trends from Indian consumers regarding car purchases and how
the car’s features and cost of ownership impact the choice of the car. This research compares features of the
car using two factors derived after factor analysis. It compares them against the consumers’ demographic
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characteristics using ANOVA to understand the new segments or patterns in car purchase decisions. This
study is a unique, original study conducted, which adds value to the topic as it disproves the existing theories,
models, or results from the literature on factors influencing car purchase decisions which are mainly based on
demographic variables and the decisions taken for a car purchase. The results of this study indicate that
consumers’ decision-making approach is changing in this technology-driven world. They are well-thought-
off and fully planned when going for purchasing a new car for the family. The demographic factors are now
less influencing or not influencing at all when selecting a car having many advanced and technological
features. These consumers are now becoming more fashion-conscious and environmentally conscious than
cost-conscious, as seen from this study.

Literature Review. Car purchase and car ownership are always a topic of attention for policymakers,
manufacturers, dealers, and academic researchers. Lefebvre first mentions «CAR as a modern transport
system» in his research article in 1971. He said that «cars have become the focus, and they are the leading
entity of the modern transport system in all countries of the world». Thus, from 1971 till today, «CAR» has
been the leading transport system in most developing and developed countries. Car ownership has become the
status symbol linked to social prestige, rich and poor classification, and a better lifestyle (Chen et al., 2020;
Prieto & Caemmerer, 2013). Also, the findings of all such studies are proved to be very helpful and relevant
to the auto industry for establishing their growth strategies. These results are also fruitful for public
administrators in planning the city traffic, controlling pollution, and other related issues impacting day-to-day
human life (Koppel et al., 2008). Most studies focus exclusively on the factors influencing car purchase
decisions (Nezakati et al., 2011; Lin and Wu, 2018; Lee et al., 2019). The factors are mainly social
environment, lifestyle, family culture, festival time and mega-events, car use, and money availability. Some
recent qualitative studies, like (Fronteli and Pacheco, 2022), have classified such factors into enablers or
barriers. These classified factors can also be divided into personal, cultural, political, economic, technological,
and environmental based on the attribute they are associated with for better insights and result. Along with
the education level of the head of the family has significant effect on car purchase decision (Dong et al., 2020).
The study by (Gaofeng et al., 2021) presents a model that observes the effect of “socio-demographics and life
course events” on car purchase behavior. The car purchase decision-making process is always intricate and
multi-layered and will remain the same hot in the future. Anable (2005), study the attitude and behavior of
consumers while purchasing a car and find that the personal characteristics of the consumer have major
influence. Trivedi and Kishore (2020) conducted a study on brand love and brand attitude and find that
consumer purchase intention is significantly influenced by the brand of the car.

The popularity and sales of electric cars are also increasing with unexpected growth. The Battery electric
vehicle (BEV) car sale in Norway reached 48% market segment of latest cars traded in the first quarter of
2019, per the Norwegian Electric Vehicle Association report. The overall market share of electric vehicles is
less than 4% in 2020 (IEA report, 2020) across the world. However, all automotive OEMs’ moves show that
the powertrain technology shift is happening within the next decade. Policymakers and car manufacturers
across the globe are interested to understand the «EV user group», which they call «early adopters», to push
sales exponentially. The framework presented by (Fevang et al., 2021) from Norway shows that Battery
electric vehicle (BEV) ownership is increasing based on factors like wealth, income, and education of the
consumers. This study is important because Norway has the highest population of private car owners and the
highest market segment of low-emission vehicles. This result shows that socio-economic characteristics are
strong predictors of the car portfolio. Like Norway, the private BEV buyers in Germany are “middle-aged
men with technical professions” living in rural or suburban “multi-person households”, as explored by (Plotz
et al., 2014). They possess an ample amount of vehicles in Germany. The reason behind buying is to profit
from the economic benefits as their annual vehicle kilometers travelled or their inner-city driving is very high,
and BEV cars are more economical than other types for them.

Schulz and Rode (2022) research study identifies that public charging infrastructure served as an impetus
for improving the sales of battery electric vehicles in Norway. Today, Norway is a worldwide antecedent in
the field of electromobility. The biggest motivation for pushing BEV cars into the markets is to reduce
emissions from privately-owned cars, which is also a point of attraction for most countries to help achieve the
targets set for global greenhouse gas emissions. Electrification has been one approach to meet this purpose,
as the research done by (Ingeborgrud & Ryghaug, 2019) suggests. This research also argues that «the
combination of the economic and symbolic value of incentives» and «the technical and practical dimensions»
of BEVs are of the same importance as growing environmental concerns for the success of BEVs sales in
Norway. Mukherjee and Ryan (2020) also conducted a study on Irish BEV owners and find a very low rate
of adoption of BEV by the suburban part of people having higher income, age, educational level, social status,
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and home ownership. William et al. (2022), conducted a study on different factors that influences customer
purchase intention and find that environmental concern, customer knowledge, attitude, and government policy
affect the customer purchasing decision. Xie et al. (2022), conducted a study on Beijing and find innovation
effect the intention of consumer, environmental consciousness also has a significant effect on perceived risk
and technology compatibility.

Wells et al. (2020), have examined the scope for network platform business models offering automobility-
as-a-service (AAAS like OLA and UBER), which seems to sabotage the current automotive market, but the
results were not favorable as per this study. It is suggested that consumers will be attracted to owning a car
once in a lifetime rather than using the AAAS platforms. The consumer prefers AAAS platforms for some
time/some events/some areas where there are issues like Traffic, Congested Geography, or Personal Health
related problems. The developments referencing sustainable agile mobility services; new mobility models;
personalized buyer comfort and effective-time integrated communication, efficient global traffic, and
integrated inner-city travel arrangements may impact the trend of owning a car but cannot be termed disruptive
soon.

The results of a qualitative research study by (Koroth et al., 2019) from Poland university contradict the
results of (Wells et al., 2020). Their research was done by interviewing eight top-level authorities from the
automotive industry, and the study reveals three perspectives on this subject. First is the rising popularity of
battery electric vehicles, second is the rising demand for autonomous cars, and the third is the increasing trend
of service mobility which impacts the dealership model of retailing. This outcome shows that more innovative
car subscription models and the need for lower maintenance for consumers will considerably reduce the
importance of dealerships. But the limitation of this study is how eight people can decide the changing trends
and preferences of consumers worldwide, even if they are the highest authorities from industries. These results
may be valid for the specific geographies of these experts. Also, as Hopp et al. (2018), argued, most of this
research primarily relies on the experts’ predictions and not much on current consumer responses; hence there
is always the possibility of failing such results in other contexts, regions, or situations. Westin et al. (2018),
conducted a study on EV in Sweden and finds that age and educational level have a positive impact on EV
ownership, and residential areas and neighbourhood also affect in adoption of EV.

Table 1 below imparts a brief summary of the CAR Purchase decisions and Influencing factors found in
the other select research studies from 2005 to 2022.

Table 1. Influencing factors on car purchase
Year Authors Influencing Factors
2022 Williams et al. !Envir(_)nmental Concern, Consumer knowledge, attitude, purchase
intentions and government policy
Innovation  characteristics  like  “Fashion  consciousness,
Environmental consciousness and Price consciousness” employ an
evident effect on purchase objectives based on the intervening
variable of perceived risk.
Six aspects relating to socio-demographic, technology, economical,
and behavioral factors
Gender, age, education level of family and particularly education
2020 Dong et.al. level of the Head of the family has significant influence on purchase
decision.
demographical and neighborhood features such as public charging
2020 Mukherjee & Ryan infrastructure or dealers in the area are influencing factors for BEV
cars adoption.
Price, prominence of the manufacturer, Fuel economy on purchase
intent.
Online reviews, vivacity, and accessibility are the top three factors
2020 Trivedi & Kishore that influence consumers’ brand attitudes. This results in brand love
and further car purchase intentions.
Demographics include age, sex, educational status, and earnings;
2019 Lee et.al. experiences with technology in general, as well as technology-
driven current vehicles; and media coverage.
Prices and usage of vehicles tend to be more influential among the
2019 Zhuge & Shao six factors from socio-demographic features, such as individual
earnings and educational level etc.

2022 Xie et.al.

2020 Chen et.al.

2020 Abu-Alkeir et. al.
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Year Authors Influencing Factors
Demographic variables such as sex, age, and marital level have a
2018 Lin, B., & Wu considerable impact, a_long w_|tt_1 behaw_oral element such as
reasonable price, public subsidies, vehicle performance, and
environmental issues are also important for the decision.
Socio-demographic characteristics of the participants along with
2018 Darshan internet and social media resources are prominent factors in the
purchasing decision.
2018 Westin et al. isszzleasl and economic features, attitudinal factors, and environmental
Car Purchase Intention, Price, Aesthetic, Features of the car,
2018 Kowang et.al. L
Interpersonal Influences have significant effect.
2018 Dhanabalan et. al. Cust_omer pgrcewgd_ value was posmv_ely mf_luenced by brand, price,
quality, design, utility, technical consideration.
Personal norms, social norms, ecological attitudes, interpersonal
2017 Jansson et.al. . o . i
influence and attitudinal factors as drivers for adoption.
Demographic determinants as well as behavioral and attitudinal
2017 Egbue et.al. L .
measures that affect individual adoption
Kiran, Prabha & Social media information about Economical, Functional and
2016 . O :
Shanmugam Psychological factors have significant impact.
Functional value, characteristic value, sentimental significance,
2015 Teoh & Mohd novelty value and conditional value with consumers’ intention to
purchase a hybrid car.
2013 Nayum et. Al Social and demographic, and intellectual variants explain purchases
of new cars.
2013 Prieto & Caemmerer Economic, |.nd|V|duaI, household characteristics impact on car
segment choice.
2013 Hona et al Attitudinal factors and perceived behavioral control are important
g etal elements for the adoption of hybrid vehicles.
2011 Nezakati et.al. Consumer based_-fapt_ors I|!<e price, quality, \_/a}lue, risk, beliefs, and
perception has significant impact on the decisions.
2011 Sung-Sheng & Wei- perceived value, purchase intention has significant impact on the
Hung decisions.
Attitudinal aspects and behavioral control directly influence
2011 Peters et.al. purchase behavior. Problem awareness, symbolic motives, and
response potency are indirect predictors found in this study.
2008 Koppel etal. Age, gender, and country’s road safety significantly influence the
car type purchase decision.
social, economic, and demographic features of households
2008 Potoglou & Kanaroglou that effect the level of car ownership in a metropolitan area of
Canada
2005 Anable Socio-demographic factors had little bearing but personal

characteristics play an influential role.

Sources: developed by the authors.

The following objectives are framed for the study from the above literature review and the need identified
for further research about these universal issues.

1. To analyze the effects of the gender of the consumer on the car purchase decision.

2. To analyze any influence of education of the consumer on a car purchase decision.

3. To analyze the effect of occupational diversity on the car purchase decision.

4. To analyze the influence of the consumer’s age on a car purchase.

Based on the objectives of the study, eight hypotheses were framed for this research study, which is as

follows:

e Hypothesis la. There is a significant difference in the car purchase decision considering features the
car offers based on the gender of the consumer.
o Hypothesis 1b. There is a significant difference in the car purchase decision considering cost
consciousness based on the gender of the consumer.
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e Hypothesis 2a. There is a significant difference in the car purchase decision considering the features
the car offers based on the consumer’s education.

e Hypothesis 2b. There is a significant difference in the car purchase decision considering cost
consciousness based on the consumer’s education.

e Hypothesis 3a. There is a significant difference in the car purchase decision considering features the
car offers based on the consumer’s occupation.

e Hypothesis 3b. There is a significant difference in the car purchase decision considering cost
consciousness based on the consumer’s occupation.

o Hypothesis 4a. There is a significant difference in the car purchase decision considering features the
car offers based on the consumer’s age.

e Hypothesis 4b. There is a significant difference in the car purchase decision considering cost
consciousness based on the consumer’s age.

Methodology and research methods. For this research study, the judgemental sampling method was
deemed fit. A survey was conducted using a structured & non-disguised questionnaire to obtain the responses.
A filter question was used to find the appropriateness of the respondents. The survey instrument, a
guestionnaire, was used after checking the reliability and validity through a pilot survey (50 respondents). The
pilot survey established that the reliability and validity were adequate. Post finalizing the survey instrument,
200 respondents were contacted, out of which 143 responses were received. After removing responses with
too many missing values, multi-variate outliers, and too many consistent responses, 103 usable responses were
available for analysis. Careful consideration was given to collecting responses from different sections of
society, improving the generalizability of results, as shown in Table 3.

Structured equation modelling (SEM) does not have a set formula for selecting the ideal sample size.
However, a number of studies provided a variety of recommendations, such as a sample size of 100 or 200
(Boomsma, 1985), 5 or 10 observations per estimated parameter (Bentler & Chou, 1987; Bollen, 1989), or 10
respondents per item (Nunnally & Bernstein, 1994). For this study, if we choose 10 respondents for each item,
we would require a minimum of 80 replies because the scale had 8 variables. The sample size is kept above
100 in order to justify the requirement of EFA for an item to respondent ratio of a minimum of 10, as accepted
in the existing literature.

The collected responses were checked for reliability using Cronbach’s alpha, shown in Table 2. Initially,
factor analysis, a dimension reduction technique, was used to understand the grouping of variables, and the
groups formed were named accordingly. While running the factor analysis, the regression scores were saved.
An attempt was made to understand the differences in preferences between different respondents for these
regression scores obtained using factor analysis; therefore, an analysis of variance (ANOVA) was run.

Table 2. Reliability analysis
Cronbach’s Alpha No. of Items
0.886 16
Sources: developed by the authors.

The reliability is established for scale, as Cronbach’s Alpha is above the threshold value of 0.7 (Nunnally
and Bernstein, 1994). Additionally, the reliability of the scale items is also checked, which was found to be
higher than the threshold value of 0.7 (Nunnally and Bernstein, 1994).

Demographic Characteristics. The following Table 3 exhibits the demographic characteristics of the
sample.

Table 3. Demographic characteristics

Frequency  Percent Valid Percent Cumulative Percent

Male 75 72.8 72.8 72.8
Gender Female 28 27.2 27.2 100.0
Total 103 100.0 100.0
. 10"/12% (SSC/HSC) 1 1.0 1.0 1.0
Education Graduate general like BA
g ' 29 28.2 28.2 29.1
BCom
Post Graduate general like
MA, M. Com 17 16.5 16.5 45.6
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Continued Table 3

Frequency  Percent Valid Percent  Cumulative Percent

Graduate Professional like

. B Tech, B Arch, BDS etc. 30 29.1 29.1 4.8
Education .
Post graduate professional
like M Tech M Arch, 26 25.2 25.2 100.0
MBBS, CA etc
Total 103 100.0 100.0
Full-time employee 45 43.7 43.7 43.7
Part-time employee 7 6.8 6.8 50.5
Unemployed 2 1.9 1.9 52.4
Occupation Self-employed 39 37.9 37.9 90.3
Student 8 7.8 7.8 98.1
Retired 2 1.9 1.9 100.0
Total 103 100.0 100.0
Less than 25 Years 8 7.8 7.8 7.8
25-30 years 42 40.8 40.8 48.5
31-35 years 22 21.4 21.4 69.9
Age 36-40 years 10 9.7 9.7 79.6
41-45 years 7 6.8 6.8 86.4
46-50 years 5 4.9 4.9 91.3
Above 50 years 9 8.7 8.7 100.0
Total 103 100.0 100.0
Hatchback 44 42.7 42.7 42.7
Sedan 33 32.0 32.0 74.8
Type Own SuUvV 24 23.3 23.3 98.1
Van/ MUV 2 1.9 1.9 100.0
Total 103 100.0 100.0
Hatchback 7 6.8 6.8 6.8
Sedan 29 28.2 28.2 35.0
Types Future  SUV 62 60.2 60.2 95.1
Sportscar/ Coupe 5 4.9 4.9 100.0
Total 103 100.0 100.0
Less than 10 Lacs 7 6.8 6.8 6.8
10-15 Lacs 19 18.4 18.4 25.2
15-20 Lacs 35 34.0 34.0 59.2
Budget 20-25 Lacs 12 11.7 11.7 70.9
25-30 Lacs 15 14.6 14.6 85.4
30 Lacs and above 15 14.6 14.6 100.0
Total 103 100.0 100.0

Sources: developed by the authors.
The following section highlights the dimension reduction technigque and factor analysis. In order to check
whether data is fit for running the factor analysis, KMO and Bartlett’s test of sphericity was assessed, which

is depicted in Table 4.

Table 4. KMO and Bartlett’s test

Parameters Value

Kaiser-Meyer-OlKkin 0.792

Measure of Central tendency

Bartlett’s Test of Sphericity Approx. Chi-square 281.268
Df 28
Sig 0.00

Note: Df, sig signifies the Degree of freedom and significance p-value, respectively.
Sources: developed by the authors.

The value of KMO & Bartlett’s test is following the threshold value of 0.6 and 0.05, respectively,
establishing the sampling adequacy. The following Table 5 depicts the variance explained.
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Table 5. Total Variance Explained

Extraction Sums of Square

Initial Eigenvalues Rotation Sums of Squared Loadings

Component % of (yL;)adings % of
Total var(i)a%ce Cumulative % Total var(i)a?lce Cumulative % Total var(i)a%ce Cumulative %
1 3.52 43.95 43.95 3.52 43.95 43.95 2.73  34.09 34.09
2 1.55 19.41 63.37 1.55 19.41 63.37 234  29.28 63.37
3 0.71 8.84 72.21
4 0.60 7.55 79.75
5 0.47 5.94 85.69
6 0.44 5.55 91.24
7 0.43 5.33 96.57
8 0.27 3.43 100.00

Extraction Method: Principal Component Analysis.
Sources: developed by the authors.

The number of factors having eigenvalue greater than one is two, explaining a total of 63 percent of the
variance. This explains that more than 63 percent of the variance in the data is explained by two factors
(dimensions), meaning two factors sufficiently represent the variables.

Table 6. Rotated Component Matrix
Component Composite Average Variance
Reliability (CR) Extracted (AVE)

1 2

Compromise_5Star 0.806

Driving 0.780

Compromise_Engine 0.778 0.863 0.611
Safety 0.761

Maintenance 0.837

Resale 0.832

Fuel 0.669 0.825 0.546
Low-Price 0.586

Extraction Method: Principal Component Analysis.
Rotation Method: Varimax with Kaiser Normalization.
a. Rotation converged in 3 iterations.
Sources: developed by the authors.

The above Table 6 depicts that components, i.e., Compromise_5Star, Driving, Compromise, Engine, and
Safety, were loading on component 1. Whereas, Maintenance, Resale, Fuel, and Low-Price were loading on
component 2. Depending on the variables loading on components 1 and 2, they can be labelled as «Features»
and «Cost consciousness», respectively.

Composite Reliability (CR) and Average Variance Extracted (AVE). The composite reliability is a
measure of how well latent variables mirror the component, and the average variance extracted is a
measurement of the amount of variance captured by the construct in relation to the amount of variance
originating from measurement error. Table 6 above depicts the values of CR and AVE for the factors, and the
values follow current guidelines provided in the literature (Hair et al., 2014). The CR and AVE values, which
are greater than threshold values of 0.7 and 0.5, respectively (Fornell and Larcker, 1981), denote that
composite reliability for the factors, i.e., «Features» and «Cost Consciousness» are represented by the
variables/items adequately.

ANOVA. The following section explains the multiple ANOVA test run with Reg. factor score (from factor
analysis) as a dependent variable and demographic variables, i.e., Gender, Education, Occupation, and Age,
as independent variables.

ANOVA with Features as dependent variable and gender as independent (grouping) variable. Table
7 and Table 8 show the result of the ANOVA test run with a regression score of factor no. 1, i.e., Features as
a dependent variable and gender as a grouping variable.
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Table 7. Test of Homogeneity of VVariances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 0.004 1 101 0.951
score 1 for Based on Median 0.195 1 101 0.660
analysis 1 Based on Median and with 0.195 1 88.630 0.660
adjusted df
Based on trimmed mean 0.000 1 101 1

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively.
Sources: developed by the authors.

Table 8. ANOVA

REGR factor score 2 for analysis 1

Sum of Square Df Mean Square F Sig.
Between Groups 1.939 1 1.939 1.957 0.165
Within Groups 100.061 101 0.991
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 8, the p-value is 0.165>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for features among male and
female respondents.

ANOVA with Cost Consciousness as dependent variable and gender as independent (grouping)
variable. The following Table 9 and Table 10 exhibit the result of the ANOVA test run with a regression
score of factor no. 2, i.e., Cost consciousness as a dependent variable and gender as a grouping variable.

Table 9. Test of Homogeneity of Variances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 0.080 1 101 0.778
score 2 for Based on Median 0.051 1 101 0.822
analysis 1 Based on Median and with 0.051 1 100.830 0.822
adjusted df
Based on trimmed mean 0.070 1 101 0.791

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively.
Sources: developed by the authors.

Table 10. ANOVA

REGR factor score 2 for analysis 1

Sum of Square df Mean Square F Sig.
Between Groups .264 1 0.264 0.262 0.610
Within Groups 101.736 101 1.007
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 10, the p-value is 0.610>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for cost consciousness among
male and female respondents.

ANOVA with Features as the dependent variable and education as the independent (grouping)
variable. Table 11 and Table 12 show the result of the ANOVA test run with a regression score of factor no.
1, i.e., Features as a dependent variable and education as a grouping variable.
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Table 11. Test of Homogeneity of Variances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 1.630 3 98 0.187
score 2 for Based on Median 0.709 3 98 0.549
analysis 1 Based on Median and with 0.709 3 91.900 0.549
adjusted df
Based on trimmed mean 1.596 3 98 0.195

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively.
Sources: developed by the authors.

Table 12. ANOVA

REGR factor score 2 for analysis 1

Sum of Square Df Mean Square F Sig.
Between Groups .264 4 1.428 1.454 0.222
Within Groups 101.736 98 0.983
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 12, the p-value is 0.222>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for Features among
respondents with different educational backgrounds.

ANOVA with Cost Consciousness as the dependent variable and education as the independent
(grouping) variable. Table 13 and Table 14 show the result of the ANOVA test run with a regression score
of factor 2, i.e., Cost consciousness as a dependent variable and education as a grouping variable.

Table 13. Test of Homogeneity of Variances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 0.522 3 98 0.668
score 2 for Based on Median 0.362 3 98 0.781
analysis 1 Based on Median and with 0.362 3 97.048 0.781
adjusted df
Based on trimmed mean 0.495 3 98 0.687

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively.
Sources: developed by the authors.

Table 14. ANOVA

REGR factor score 2 for analysis 1

Sum of Square Df Mean Square F Sig.
Between Groups 4,104 4 1.026 1.027 397
Within Groups 97.896 98 .999
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 14 the p-value is 0.397>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for cost consciousness among
respondents with different educational backgrounds.

ANOVA with Features as the dependent variable and occupation as an independent (grouping)
variable. Table 15 and Table 16 show the result of the ANOVA test run with a regression score of factor no.
1, i.e., Features as a dependent variable and occupation as a grouping variable.
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Table 15. Test of Homogeneity of Variances

Levene Statistics Df1 Df?2 Sig.
REGR factor Based on Mean 0.255 5 97 0.937
score 1 for Based on Median 0.216 5 97 0.955
analysis 1 Based on the Median and 0.216 5 84.539 0.955
with adjusted df
Based on trimmed mean 0.243 5 97 0.942

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively
Sources: developed by the authors.

Table 16. ANOVA

REGR factor score 1 for analysis 1

Sum of Square Df Mean Square F Sig.
Between Groups 3.248 5 .65 .638 0.671
Within Groups 98.752 97 1.018
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 16, the p-value is 0.671>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for Features among
respondents with occupations.

ANOVA with Cost Consciousness as the dependent variable and occupation as the independent
(grouping) variable. Table 17 and Table 18 show the result of the ANOVA test run with a regression score
of factor no. 2, i.e., Cost consciousness as a dependent variable and occupation as a grouping variable.

Table 17. Test of Homogeneity of Variances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 2.594 5 97 0.030
score 2 for Based on Median 2.240 5 97 0.056
analysis 1 Based on the Median and 2.240 5 81.196 0.058
with adjusted df
Based on trimmed mean 2.533 5 97 0.034

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively.
Sources: developed by the authors.

Table 18. ANOVA

REGR factor score 2 for analysis 1

Sum of Square Df Mean F Sig.
Between Groups 10.177 5 2.035 2.150 0.066
Within Groups 91.823 97 0.947
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 18, the p-value is 0.066>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for cost consciousness among
respondents with different occupations.

ANOVA with Features as the dependent variable and age as an independent (grouping) variable.
Table 19 and Table 20 show the result of the ANOVA test run with a regression score of factor no. 1, i.e.,
Features as a dependent variable and age as a grouping variable.
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Table 19. Test of Homogeneity of Variances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 2.598 6 96 0.022
score 1 for Based on Median 2.534 6 96 0.025
analysis 1 Based on the Median and 2.534 6 87.894 0.026
with adjusted df
Based on trimmed mean 2.690 6 96 0.019

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively
Sources: developed by the authors based on studies

Table 20. ANOVA

REGR factor score 1 for analysis 1

Sum of Square Df Mean F Sig.
Between Groups 10.946 6 1.824 1.923 0.085
Within Groups 91.054 96 .948
Total 102.000 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively Sources: developed by the authors.

As shown in Table 20, the p-value is 0.085>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for Features among
respondents with different age groups.

ANOVA with Cost Consciousness as the dependent variable and age as the independent (grouping)
variable. Table 21 and Table 22 show the result of the ANOVA test run with a regression score of factor no.
2, i.e., Cost consciousness as a dependent variable and age as a grouping variable.

Table 21. Test of Homogeneity of Variances

Levene Statistics Dfl Df2 Sig.
REGR factor Based on Mean 1.687 6 96 0.132
score 2 for Based on Median 1.238 6 96 0.294
analysis 1 Based on the Median and 1.238 6 83.125 0.295
with adjusted df
Based on trimmed mean 1.695 6 96 0.131

Note: Df1, Df2, sig, and REGR signify the Degree of freedom 1, degree of freedom 2, significance p-
value, and regression, respectively
Sources: developed by the authors.

Table 22. Anova

REGR factor score 2 for analysis 1

Sum of Squares Df Mean Square F Sig.
Between Groups 10.648 6 1.775 1.865 0.095
Within Groups 91.352 96 .952
Total 102.00 102

Note: Df, F, Sig, REGR signifies the Degree of freedom, F-test, significance p-value, and regression
respectively
Sources: developed by the authors.

As shown in Table 22 the p-value is 0.095>0.05, explaining that there is not enough evidence to explain
the differences, meaning there is no significant difference in the regression score for cost consciousness among
respondents with different age groups.

Discussion. This study aimed to examine the car purchase decision considering two dependent variables:
1) features the car offers; and 2) cost-consciousness based on four demographic independent/grouping
variables such as gender, education, occupation, and age. Many research studies argue that these demographic
factors are crucial for purchase decisions across the globe.

Hypothesis 1a for this study was about the impact on the car purchase decision considering features the
car offers based on the gender of the consumer. The percentage contribution of males and females for this
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study was 73:27, respectively. From Table 7 and Table 8 of the results section above, the result of the ANOVA
test run with a regression score of the first dependent variable named features and a grouping variable named
gender shows that the p-value is 0.165, which is greater than 0.05. There is no significant difference in the
regression score for making car purchase decisions based on car features among male and female respondents.
This result shows that there is not enough evidence to show the impact of gender differences on the car
purchase decision basis on the car’s features. This result is very contradicting to the previous studies. This
situation may be because most cars offer all the important and minimum basic features today. Features have
become hygiene factors; hence, males and females have not shown significant differences in this variable.
Thus, this study rejects the Hla hypothesis and claims that today there is no significant difference in the car
purchase decision based on the car’s features with gender as the independent variable.

Hypothesis 1b for this study was about the impact on the car purchase decision considering cost
consciousness and the gender of the consumer. The ANOVA result from Table 10, with cost consciousness
as the dependent variable and gender as the independent (grouping) variable, shows the p-value is 0.610, far
more significant than 0.05. This situation means there is no significant difference in the regression score for
car purchase decisions based on Cost Consciousness Factor among male and female respondents. Both have
the same cost consciousness level, which was not the case earlier, as shown by many studies. This situation
may be because the earning power and spending power of the male and females are becoming at par, as seen
in many studies. Thus, cost-consciousness females may have reduced to the levels of their male counterparts,
making no significant differences in car purchase decisions. Therefore, this study rejects the H1b hypothesis
about gender and claims that today there is no significant difference in the car purchase decision based on cost
consciousness based on gender as the independent variable. This result contradicts the results of (Dong et al.,
2020), which indicate that age, gender, and education affect the car purchase decision.

Hypothesis 2a for this study was about the impact on the car purchase decision considering the cars’
features and the consumer’s education level. ANOVA results shown in Table 12 of the results section with
features as the dependent variable and education as the independent (grouping) variable show a value of p as
0.222, which is greater than 0.05, which explains that there is not enough evidence to explain the differences
using education of the consumers. This situation means there is no significant difference in the regression
score for features among the respondents with different educational backgrounds. This study’s people with all
educational backgrounds prefer most of the features mentioned. Thus, this study rejects hypothesis H2a also
about education and claims that today there is no significant difference in car purchase decisions based on
characteristics the car offers among people of different educational backgrounds. Everyone, irrespective of
education level, prefers all the important features mentioned in the study when deciding to purchase a car.
This result contradicts the (Williams at el., 2022) study, which says the knowledge of the consumer concerning
features affects the car purchase decision.

Hypothesis 2b was about the impact on the car purchase decision considering cost consciousness and the
consumer’s education level. ANOVA results with cost consciousness as a dependent variable and education
as an independent (grouping) variable from Table 14 of the result section show the p-value as 0.397, which is
greater than 0.05. There is no significant difference in the regression score for the cost consciousness factor
among the respondents in this study with different educational backgrounds. This study rejects hypothesis
H2b. This result means that consumers of all academic backgrounds have similar cost-consciousness behavior
when deciding on a car purchase. This result contradicts the previous studies, which say that based on
educational levels, people are cost-conscious when purchasing cars like high-cost items. This result also
suggests that cost consciousness has become less critical than Fashion consciousness, Environmental
consciousness, and Price consciousness, as (Ruyu et al., 2022) argued in their study. This situation may be
because of government policies to push EV cars/ EV bikes, and subsidies are readily available for all levels
of people. Private large corporates are also suggesting going for green to reduce their carbon footprints, which
also promotes people to become more environmentally conscious than cost-conscious. All governments also
have targets w.r.t. SDGs and reduction in the greenhouse gases (also known as GHGSs) and carbon footprints.

Hypothesis 3a for this study was about the impact on the car purchase decision considering the cars’
features and the consumer’s occupation. Table 16 of ANOVA results shows that features are the dependent
variable, and occupation is an independent (grouping) variable. It has a p-value of 0.671, which is more than
0.05. It suggests no significant difference in the regression score for features among respondents from this
study with different occupation types seen in the sample. Thus, this study rejects hypothesis H3a about the
consumer’s occupation and claims that today there is no significant difference in the car purchase decision
based on features the car offers among people of different occupational backgrounds.

Hypothesis 3b for this study was about the impact on the car purchase decision considering cost

36



'Q ARMG PUBLISHING 3 scC | en d o Marketing and Management of Innovations, 1, 2023
ISSN 2218-4511 (print) ISSN 2227-6718 (online)

“Thinking ahead”

consciousness and consumer occupation. Table 18 exhibits the result of the ANOVA test run with a regression
score of cost consciousness as a dependent variable and occupation as a grouping variable. The resultant p-
value for this is 0.066, which is greater than 0.05, rejecting this hypothesis. There is not enough evidence to
explain the differences in occupation levels as there is no significant difference in the regression score for cost
consciousness among the respondents of this survey with different occupations.

Hypotheses 3a and 3b are associated with occupation and its impact, and both are rejected in this research
study. The consumer taste with different occupational backgrounds does not differ and shows no significant
effect concerning features and cost consciousness factors for this study. This situation may be because 80%
of sample responses collected here were contributed by self-employed and full-time employees who
responded to the survey.

Hypothesis 4a for this study was about the impact on the car purchase decision considering the cars’
features and the consumer’s age. Table 20 with ANOVA results shows the p-value 0.085, which is more than
0.05. Hence, there is no significant difference in the regression score for features among respondents from
this study with different age groups. Thus, this study rejects hypothesis H4a and claims that today there is no
significant difference in car purchase decisions based on features the car offers among people of different age
groups.

Hypothesis 4b for this study was also rejected (as seen p-value of 0.095 > 0.05; Table 22). The regression
score of cost consciousness as a dependent variable and age as a grouping variable shows not enough evidence
as the p-value is more significant than 0.05 to explain the differences of age levels with the seen regression
scores for the cost consciousness factor.

From the sample, it can be seen that 70% of samples are below the age of 35, and hence hypotheses 4a and
4b may be rejected in this study, which contradicts the existing studies (Koppel et al., 2008; Nayum et al.,
2013; Lin and Wu, 2018; Dong et al., 2020). The higher the age, the more cost-conscious the consumer is
about purchasing products with high value. There may be one more fact that old parents are getting support
from working children to buy high-cost, high-feature cars. This result is increasing in families with single kids
with IT industry jobs. So, it is surprising and can be explored by companies to target such consumers to grow
the business.

Conclusions. Based on the study’s objectives and the outcome and analysis of this paper, the following
are the general observations and trends that can help the automotive sectors understand the prospects and
define growth strategies for considering these four demographic variables- gender, education, occupation, and
age. According to the findings, gender does not influence car purchase decisions. The results are the same
across all the age groups. The education and occupational levels are also not shown significant differences in
the decision-making of car purchases. This result also indicates that consumers are well-planned when
purchasing a car, and the demographic factor is now less affected or not affected when selecting a car with
various features. This study provides theoretical background that becomes a literature review for further study
as we studied the age, gender, occupation, and age on cost consciousness and features of car basis,
respectively. These consumers are more fashion-conscious and environmentally conscious than cost-
conscious, as seen from this study. The consumer is changing, and not showing too much difference with any
demographic variable is a good sign for businesses to increase sales. Companies need not focus much on
consumer demographics. However, they can focus more on the new features and green initiatives with
digitization, which supports global SDG goals to attract consumers of all types. Table 23 below summarizes
this study’s results showing that all the hypotheses are rejected in this study.

Table 23. Conclusion

Feature Cost Consciousness
Gender for all demographic variables with both dependent variables, the p-value
Education is greater than 0.05. This shows that there are no differences in reg. scores
Occupation among these grouping variables for all FOUR demographic independent
Age variables of this study.

Sources: developed by the authors.

The results of this study may change if the sample contains equal percentages of the consumers for all the
demographic factors. This study shows that the male percentage is more than double that of female responses.
For education, less than 12th education responses are almost nil. However, there are people in society who
dominates the purchase of a car (mainly Mahindra Cars by Uneducated Farmers from some geographic regions
in India). If such samples are available in the study, the results may vary. Regarding the occupational variable,
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this research is dominated by 82% full-time employees and Self-Employed people. The results may vary if
the sample contains more part-time employees and other types such as students, retired and unemployed due
to some reasons like a pandemic.

Author Contribution: conceptualization, S. R.; data curation, S. R.; V. B.; methodology, S.R., V. B.;
formal analysis, S. R. and V. B.; writing - original draft preparation, V. N., B. A, and P. B; writing-review
and editing, B. A. and V. B.; visualization, V. B.; supervision, S. R.

Conflicts of Interest: Authors declare no conflict of interest

Data Availability Statement: Not applicable.

Informed Consent Statement: Not applicable.

References

Abu-Alkeir, N. I., Area, S., & Jordan, A. (2020). Factors influencing consumers buying intentions towards
electric cars: the Arab customers’ perspective. International Journal of Marketing Studies, 12(2), 127-127.
[Google Scholar]

Ackaah, W., Kanton, A. T., & Osei, K. K. (2022). Factors influencing consumers’ intentions to purchase
electric vehicles in Ghana. Transportation Letters, 14(9), 1031-1042. [Google Scholar] [CrossRef]

Anable, J. (2005). ‘Complacent car addicts’ or ‘aspiring environmentalists’? Identifying travel behaviour
segments using attitude theory. Transport policy, 12(1), 65-78. [Google Scholar] [CrossRef]

Auto PunditZ. (2018). Luxury car market in India report Retrieved from [Link]

AutoCar India. (2022). Electric car, SUV sales at all time high aided by new launches. Retrieved from
[Link]

Bentler, P. M., & Chou, C. P. (1987). Practical issues in structural modeling. Sociological methods &
research, 16(1), 78-117. [Google Scholar] [CrossRef]

Bollen, K. A. (1989). Structural equations with latent variables (Vol. 210). John Wiley & Sons. [Google
Scholar]

Boomsma, A. (1985). Nonconvergence, improper solutions, and starting values in LISREL maximum
likelihood estimation. Psychometrika, 50, 229-242. [Google Scholar] [CrossRef]

Chang, T., & Hsiao, W. (2011). Consumers' automotive purchase decisions: The significance of vehicle-
based infotainment systems. African Journal of Business Management, 5(11), 4152-4163. [Google Scholar]

Chen, C. F., de Rubens, G. Z., Noel, L., Kester, J.,, & Sovacool, B. K. (2020). Assessing the socio-
demographic, technical, economic and behavioral factors of Nordic electric vehicle adoption and the influence
of vehicle-to-grid preferences. Renewable and Sustainable Energy Reviews, 121, 109692. [Google Scholar]
[CrossRef]

Darshan, B. M. (2018). Influence of social media on vehicle purchasing decisions: An empirical study on
automobile industry. International Journal of Mechanical Engineering and Technology, 9(8), 974-981.
[Google Scholar]

Dhanabalan, T., Subha, K., Shanthi, R., & Sathish, A. (2018). Factors influencing consumers’ car
purchasing decision in Indian automobile industry. International Journal of Mechanical Engineering and
Technology, 9(10), 53-63. [Google Scholar]

Dong, X., Zhang, B., Wang, B., & Wang, Z. (2020). Urban households’ purchase intentions for pure
electric vehicles under subsidy contexts in China: do cost factors matter?. Transportation Research Part A:
Policy and Practice, 135, 183-197. [Google Scholar] [CrossRef]

Egbue, O., Long, S., & Samaranayake, V. A. (2017). Mass deployment of sustainable transportation:
evaluation of factors that influence electric vehicle adoption. Clean Technologies and Environmental
Policy, 19, 1927-1939. [Google Scholar] [CrossRef]

Elbil. (2022). Norwegian Electric Vehicle Association report. Retrieved from [Link]

ETAuto. (2022). Moody's global auto outlook goes negative on weakening demand, diminishing margins.
Retrieved from [Link]

Fevang, E., Figenbaum, E., Fridstram, L., Halse, A. H., Hauge, K. E., Johansen, B. G., & Raaum, O.
(2021). Who goes electric? The anatomy of electric car ownership in Norway. Transportation Research Part
D: Transport and Environment, 92, 102727. [Google Scholar] [CrossRef]

Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable variables
and measurement error. Journal of marketing research, 18(1), 39-50. [Google Scholar] [CrossRef]

38


https://scholar.google.com/scholar?cluster=4786677441987143441&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=11523689519690055056&hl=ru&as_sdt=0,5
https://doi.org/10.1080/19427867.2021.1990828
https://scholar.google.com/scholar?cluster=1811433938888384508&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.tranpol.2004.11.004
https://www.autopunditz.com/post/study-indian-luxury-car-market
https://www.autocarindia.com/industry/electric-car-suv-sales-at-all-time-high-aided-by-new-launches-426016
https://scholar.google.com/scholar?cluster=9015040651270919599&hl=ru&as_sdt=0,5
https://doi.org/10.1177/0049124187016001004
https://scholar.google.com/scholar?cluster=4985153013113578626&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=4985153013113578626&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=1753160683972501169&hl=ru&as_sdt=0,5
https://doi.org/10.1007/BF02294248/METRICS
https://scholar.google.com/scholar?cluster=2122969015768224965&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=4219738136517485818&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.rser.2019.109692
https://scholar.google.com/scholar?hl=ru&as_sdt=0%2C5&q=Darshan%2C+B.+M.+%282018%29.+Influence+of+social+media+on+vehicle+purchasing+decisions%3A+An+empirical+study+on+the+automobile+industry.+International+Journal+of+Mechanical+Engineering+and+Technology%2C+9%288%29%2C+974-981.+&btnG=
https://scholar.google.com/scholar?hl=ru&as_sdt=0%2C5&q=Dhanabalan%2C+T.%2C+Subha%2C+K.%2C+Shanthi%2C+R.%2C+%26+Sathish%2C+A.+%282018%29.+Factors+influencing+consumers%E2%80%99+car+purchasing+decision+in+Indian+automobile+industry.+International+Journal+of+Mechanical+Engineering+and+Technology%2C+9%2810%29%2C+53-63.+&btnG=
https://scholar.google.com/scholar?cluster=8455657984126814004&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.tra.2020.03.012
https://scholar.google.com/scholar?cluster=11999822832015383386&hl=ru&as_sdt=0,5
https://doi.org/10.1007/s10098-017-1375-4
https://elbil.no/english/about-norwegian-ev-association/
https://auto.economictimes.indiatimes.com/news/industry/moodys-global-auto-outlook-goes-negative-on-weakening-demand-diminishing-margins/94535426
https://scholar.google.com/scholar?cluster=5386364388173436970&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.trd.2021.102727
https://scholar.google.com/scholar?cluster=17136083877443099076&hl=ru&as_sdt=0,5
https://doi.org/10.1177/002224378101800104

iq ARMG PUBLISHING 3 scC | en d o Marketing and Management of Innovations, 1, 2023
ISSN 2218-4511 (print) ISSN 2227-6718 (online)

“Thinking ahead”

Fronteli, M. H., & Pacheco Paladini, E. (2023). Trends, Enablers, and Barriers for Car
Ownership. Transportation Research Record, 2677(1), 1290-1310. [Google Scholar] [CrossRef]

Gao, V. P., Kaas, H. W., Mohr, D., & Wee D. (2016). Automotive revolution — perspective towards 2030.
Retrieved from [Link]

Gu, G, Feng, T., Yang, D., & Timmermans, H. (2021). Modeling dynamics in household car ownership
over life courses: a latent class competing risks model. Transportation, 48(2), 809-829. [Google Scholar]
[CrossRef]

Hair, J. F., Black, W. C., Babin, B. J., Anderson, R. E., & Tatham, R. L. (2006). Multivariate data analysis
sixth edition Pearson education. New Jersey, 42-43. [Google Scholar]

Hong, Y. H., Khan, N., & Abdullah, M. M. (2013). The determinants of hybrid vehicle adoption: Malaysia
perspective. Australian Journal of Basic and Applied Sciences, 7(8), 347-454. [Google Scholar]

Hopp, C., Antons, D., Kaminski, J., & Oliver Salge, T. (2018). Disruptive Innovation: Conceptual
Foundations, Empirical Evidence, and Research Opportunities in the Digital Age. Journal of Product
Innovation Management, 35(3), 446-457. [Google Scholar]

IEA Electric Car Global EV Outlook Report. (2020). Retrieved from [Link]

Ingeborgrud, L., & Ryghaug, M. (2019). The role of practical, cognitive and symbolic factors in the
successful implementation of battery electric vehicles in Norway. Transportation Research Part A: Policy
and Practice, 130, 507-516. [Google Scholar] [CrossRef]

Jansson, J., Nordlund, A., & Westin, K. (2017). Examining drivers of sustainable consumption: The
influence of norms and opinion leadership on electric vehicle adoption in Sweden. Journal of Cleaner
Production, 154, 176-187. [Google Scholar] [CrossRef]

Kiran, P., & Vasantha, S. (2016). Transformation of consumer attitude through social media towards
purchase intention of cars. Indian Journal of Science and Technology, 9(21), 1-9. [Google Scholar]

Koppel, S., Charlton, J., Fildes, B., & Fitzharris, M. (2008). How important is vehicle safety in the new
vehicle purchase process?. Accident analysis & prevention, 40(3), 994-1004. [Google Scholar] [CrossRef]

Koroth, A. K., Mazurek, G., & Pater, P. (2019). Disruptive Innovation in Automotive Retailing. Central
European Management Journal, 27, 44-59. [Google Scholar]

Kowang, T. O., Samsudin, S. A., Yew, L. K., Hee, O. C,, Fei, G. C., & Long, C. S. (2018). Factors affecting
car purchase intention among undergraduates in Malaysia. International Journal of Academic Research in
Business and Social Sciences, 8(8), 80-88. [Google Scholar]

Lee, C., Seppelt, B., Reimer, B., Mehler, B., & Coughlin, J. F. (2019). Acceptance of vehicle automation:
Effects of demographic traits, technology experience and media exposure. In Proceedings of the Human
Factors and Ergonomics Society Annual Meeting (Vol. 63, No. 1, pp. 2066-2070). Sage CA: Los Angeles,
CA: SAGE Publications. [Google Scholar] [CrossRef]

Lefebvre, H. (1971). Everyday life in the modern world. Transaction Publishers. [Google Scholar]

Lin, B., & Wu, W. (2018). Why people want to buy electric vehicle: An empirical study in first-tier cities
of China. Energy Policy, 112, 233-241. [Google Scholar] [CrossRef]

Mukherjee, S. C., & Ryan, L. (2020). Factors influencing early battery electric vehicle adoption in
Ireland. Renewable and Sustainable Energy Reviews, 118, 109504. [Google Scholar] [CrossRef]

Nayum, A., Klockner, C. A., & Prugsamatz, S. (2013). Influences of car type class and carbon dioxide
emission levels on purchases of new cars: A retrospective analysis of car purchases in Norway. Transportation
Research Part A: Policy and Practice, 48, 96-108. [Google Scholar] [CrossRef]

Nezakati, H., Kok, K. O., & Asgari, O. (2011). Do Consumer based-factors influence consumer buying
behavior in automotive industry? (Malaysia Evidence). International Proceedings of Economics Development
& Research, 10, 17-22. [Google Scholar]

Nunnally, J. C., & Bernstein, I. H. (1994). Psychometric Theory. In McGraw-Hill series in Psychology
(Third Edition). McGraw Hill.

Peters, A., Gutscher, H., & Scholz, R. W. (2011). Psychological determinants of fuel consumption of
purchased new cars. Transportation Research Part F: Traffic Psychology and Behaviour, 14(3), 229-239.
[Google Scholar] [CrossRef]

Plotz, P., Schneider, U., Globisch, J., & Dutschke, E. (2014). Who will buy electric vehicles? Identifying
early adopters in Germany. Transportation Research Part A: Policy and Practice, 67, 96-109. [Google
Scholar] [CrossRef]

Potoglou, D., & Kanaroglou, P. S. (2008). Modelling car ownership in urban areas: a case study of
Hamilton, Canada. Journal of Transport Geography, 16(1), 42-54. [Google Scholar] [CrossRef]

39


https://scholar.google.com/scholar?cluster=9923660255408064847&hl=ru&as_sdt=0,5
https://doi.org/10.1177/03611981221103863
https://www.mckinsey.com/industries/automotive-and-assembly/our-insights/disruptive-trends-that-will-transform-the-auto-industry/de-DE
https://scholar.google.com/scholar?cluster=10066876601530707621&hl=ru&as_sdt=0,5
https://doi.org/10.1007/s11116-019-10078-8
https://scholar.google.com/scholar?hl=ru&as_sdt=0%2C5&q=Hair%2C+J.+F.%2C+Black%2C+W.+C.%2C+Babin%2C+B.+J.%2C+%26+Anderson%2C+R.+E.+%282014%29.+Multivariate+Data+Analysis.+Pearson+Education%2C+India.&btnG=
https://scholar.google.com/scholar?cluster=9341533491796271084&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=15420745255321014064&hl=ru&as_sdt=0,5
https://www.iea.org/reports/global-ev-outlook-2020
https://scholar.google.com/scholar?cluster=326273179381016759&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.tra.2019.09.045
https://scholar.google.com/scholar?cluster=14098926317169093800&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.jclepro.2017.03.186
https://scholar.google.com/scholar?cluster=8470778085423082929&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=16067459066771601729&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.aap.2007.11.006
https://scholar.google.com/scholar?cluster=15838038332182581631&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?hl=ru&as_sdt=0%2C5&q=Kowang%2C+T.+O.%2C+Samsudin%2C+S.+A.%2C+Yew%2C+L.+K.%2C+Hee%2C+O.+C.%2C+Fei%2C+G.+C.%2C+%26+Long%2C+C.+S.+%282018%29.+Factors+affecting+car+purchase+intention+among+undergraduates+in+Malaysia.+International+Journal+of+Academic+Research+in+Business+%5Dand+Social+Sciences%2C+8%288%29%2C+80-88&btnG=
https://scholar.google.com/scholar?cluster=4209725000255072327&hl=ru&as_sdt=0,5
https://doi.org/10.1177/1071181319631425
https://scholar.google.com/scholar?cluster=4110652209543068538&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=11046141394362767588&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.enpol.2017.10.026
https://scholar.google.com/scholar?cluster=15755747360284899969&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.rser.2019.109504
https://scholar.google.com/scholar?cluster=17915670599885448349&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.tra.2012.10.009
https://scholar.google.com/scholar?cluster=4874428230499418956&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=376844563656820597&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.trf.2011.01.003
https://scholar.google.com/scholar?cluster=6959129715243926465&hl=ru&as_sdt=0,5
https://scholar.google.com/scholar?cluster=6959129715243926465&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.tra.2014.06.006
https://scholar.google.com/scholar?cluster=17255853830612408414&hl=ru&as_sdt=0,5
https://doi.org/10.1016/j.jtrangeo.2007.01.006

Marketing and Management of Innovations, 1, 2023

il ARMG PUBLISHING
ISSN 2218-4511 (print) ISSN 2227-6718 (online)

“Thinking ahead”

§ sciendo

Prieto, M., & Caemmerer, B. (2013). An exploration of factors influencing car purchasing
decisions. International Journal of Retail & Distribution Management, 41(10), 738-764. [Google Scholar]
[CrossRef]

Schulz, F., & Rode, J. (2022). Public charging infrastructure and electric vehicles in Norway. Energy
Policy, 160, 112660. [Google Scholar] [CrossRef]

Teoh, C. W., & Mohd Noor, N. A. (2015). What affects Malaysian consumers’ intention to purchase hybrid
car?. Asian Social Science, 11(26), 11-26. [Google Scholar] [CrossRef]

Trivedi, J. P., & Kishore, K. (2020). Investigating the factors influencing consumers' purchase intention
for electric cars: an emerging market perspective. International Journal of Economics and Business
Research, 20(2), 117-137. [Google Scholar] [CrossRef]

Wells, P., Wang, X., Wang, L., Liu, H., & Orsato, R. (2020). More friends than foes? The impact of
automobility-as-a-service on the incumbent automotive industry. Technological Forecasting and Social
Change, 154, 119975. [Google Scholar] [CrossRef]

Westin, K., Jansson, J., & Nordlund, A. (2018). The importance of socio-demographic characteristics,
geographic setting, and attitudes for adoption of electric vehicles in Sweden. Travel Behaviour and
Society, 13, 118-127. [Google Scholar] [

Xie, R., An, L., & Yasir, N. (2022). How Innovative Characteristics Influence Consumers’ Intention to
Purchase Electric Vehicle: A Moderating Role of Lifestyle. Sustainability, 14(8), 4467. [Google Scholar]
[CrossRef]

Zhuge, C., & Shao, C. (2019). Investigating the factors influencing the uptake of electric vehicles in
Beijing, China: Statistical and spatial perspectives. Journal of cleaner production, 213, 199-216. [Google
Scholar] [CrossRef]

Bapan Hepypkap, Mixnaponuuii yaiBepcuter Cum6iosi, [uuis

IpamanT Bap:xk, Mixnapoanuii ynisepcurer Cum6i03i, [Hzais

Bimax Bxatt, Mixuaponuuii yHiBepcuter CuM0i103i, [Hmis

Maiinem Pacrori, mpodecop, Mixuaaponruii yHiBepcutrer Cumo6io3i, [amis

Bxakti ArapBaJj, Mixuapomauii yHiBepcuteT Cum6i03i, [Hmis

@akTopH BILIMBY HA KYINiBeJbHY MOBEeIiHKY CNOKUBAYiB aBTOMOOITiB

L1s cTaTTs y3araabHIOE apIyMEHTH Ta KOHTPAapIyMEHTH B MeXaxX HayKOBOI IUCKYCii 3 MUTaHHS BU3HaYCHHS (haKTOpiB
BIUIMBY Ha KyMiBENbHY IIOBEIIHKY CIIO)KMBa4yiB aBTOMOOLIIB. OCHOBHOI0O METOIO IPOBEICHOTO JIOCIIIDKEHHS €
BU3HAYCHHsI PAKTOPIB BILIMBY CIIOKUBAYIB 3 PI3HUMHU JIeMOrpadiYHUMHU XapaKTePUCTHKAaMH Ha iX PIlLIEHHS PO KYIiBJIIO
aBTOMOOLISI 3 BIIMIHHUMHU XapaKTePUCTHKaMH, BapTICTIO Ta TEPMIHOM eKcIutyaranii. B paMkax paHOro HOCIiKeHHs
Oyno ommraHo 200 pecrnoHneHTiB, 3 skux nuie 103 aHkeTw Oyiu BHKOpHCTaHI JUIsl NOAAJbLIOro aHamizy. Po3mip
BUOipkH onucye Maibxe 50% aucnepcii Ta € IPUIATHUM JUIs TAKOTO THITY JIOCITIPKEeHHsI. MeTOIMYHNM iHCTpyMEHTapieM
MPOBEEHOTO JOCIIKEHHS CTajlM METOM: (haKTOPHOTO aHaji3y — JUIsi rPyIyBaHHS i BU3HAYEHHS 3aJIC)KHUX 3MIHHHX
SKI ONHMCYIOTh (PYHKIIOHAIBHI Ta LiHOBI ocobnmBocTi aBromMoOu1iB; ANOVA Monens — Juist BU3HA4YeHHS (hakTopiB
BIUIMBY Ha KyIIiBeJbHY MOBEJIHKY CIIOXKHBA4iB aBTOMOOLUIIB. B cTaTTi npecTaBieHo pe3yabTaTi eMIipHYHOTO aHalizy,
KWW 3aCBITYMB, IO JKOJHA 3 BAXJIMBHX AeMOrpadiyHUX 3MIHHHX CHOXHBadiB (CTaTh, OCBITa, Mpodecis Ta BiK) HE
BUSBWIIA 3HAYHOTO BIUIUBY HA PIICHHS MPO KYIIBIIO aBTOMOOLIA 3 ypaXyBaHHIM HOro (yHKIIOHATHHHUX Ta IIHOBHX
BiqMiHHOCTEH. JOCHiKEHHS EeMIIpUYHO MIATBEPIIKYE Ta TEOPETUYHO NOBOAWTH, IO HA KYIIBEJIBbHY MOBEHiHKY
CIOXHMBAYiB OUIBIIO0 MipOIO BIUTMBAIOTH EKOJIOTIYHI TTOKA3HHUKH €KCIUTyaTallii aBTOMOOLIIB HiX IiHOBI. Llei pe3ympTar
MOXKe OyTH TOB'S3aHHH 3 XapaKTepHCTHKaMH BHOIPKH, SKa IIOKa3alia, II0 HEMae€ 3HAYHOTO BIUIMBY OyIIb-SIKHX
JeMorpadiuHuX 3MIHHHX CIIOKMBAYiB HAa IPUIHATTS PillIeHHS PO MOKYIKY aBTOMOOLISI Ha OCHOBI HOT0 0COOIUBOCTEH,
a TaKoXX (paKTOPIB IIIHOBOI CBITIOMOCTI, TAKUX SIK BapTICTh MEPENpOIaKy, yTPIMaHHS Ta aTUBO. B cTarTi 00rpyHTOBaHO
HaBEJICHO Psiji OOMEXeHb BUKOPUCTAHHS OTPUMAHHUX PE3YJIbTAaTiB MOB’SI3aHUX i3 BUOIPKOIO JOCTiKeHHs. Pesynbratu
MPOBEACHOTO JOCIHKCHHS MOXYTh OyTH KOPUCHHUMH ISl MAPKETOJIOTIB, JUICPIB aBTOMOOUTFHUX KOMIIaHIN 3 METOIO
moOyI0BHY CTpaTerii MPOCYBaHHS Ta MPOIaKiB aBTOMOOLITIB.

KarouoBi ciioBa: aBTOMOOUIbHA MPOMHUCIIOBICTB, JAeMOrpadiduHi XapakTePHCTHKU CIIOXHMBAYiB, OCOOJIMBOCTI
ABTOMOOIJISI, BUTPATH.
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