iq ARMG PUBLISHING Health Economics and Management Review, Issue 3, 2022
“Thinking ahead” ISSN 2786-4634 (print) ISSN 2786-4626 (online)

FACTORS MOTIVATING END-USERS’ BEHAVIOURAL INTENTION TO RECOMMEND M-
HEALTH INNOVATION: MULTI-GROUP ANALYSIS

Ambrose Ogbonna Oloveze, ““’ORCID: https://orcid.org/0000-0003-0320-9793
Michael Okpara University of Agriculture Umudike, Abia State

Paschal Anayochukwu Ugwu

Nnamdi Azikiwe University Awka, Nigeria

Raphael Valentine Obodoechi Okonkwo, “*’ORCID: https://orcid.org/0000-0002-1759-9158
Ph.D., Michael Okpara University of Agriculture Umudike, Abia State

Victor Chukwuemeka Okeke

Nnamdi Azikiwe University Awka, Nigeria

Kelvin Chukwuoyims

Ph.D., Alex Ekwueme Federal University Ndufu-Alike Ebonyi State, Nigeria
Emmanuel Onyedikachi Ahaiwe

Ph.D., Michael Okpara University of Agriculture Umudike, Abia State
Corresponding author: Ambrose Ogbonna Oloveze, emrysoloveze@gmail.com
Type of manuscript: research paper

Abstract: mHealth innovation is health innovation that is gaining adoption in developing countries. The COVID-19
impact and the brain drain of health practitioners in Nigeria are indicating higher importance of the innovation.
However, while the literatures on adoption are rising there is paucity of literature on intention to recommend mHealth
innovation particularly with gender context. The study considered determinants of end-users’ behavioural intention to
recommend mHealth innovation by considering multi-group analysis. Theory of reasoned action was modified with
variables from health belief model and unified theory of acceptance and use of innovation to structure the intention to
recommend mHealth model. Structured questionnaire with adapted items from extant studies were scaled on 7 point
likert scale while snowball sampling technique was adopted in data collection. A total of 291 questionnaires were used
in the analysis which was done through IBM Statistics version 23 and AMOS 23. The study used descriptive statistics,
structural equation model and an invariant analysis to check the difference between the groups. The model showed good
fit using a set of fit indices and coefficient of codetermination that indicates high predictive capacity. The SEM analysis
show that subjective norm is the most vital factor that influences end-users’ intention to recommend mHealth innovation
to others. Generally, it indicates that male users have higher intention to recommend mHealth innovation than female
users of mHealth innovation. The result of the analysis also show that the correlations between the exogenous factors
are positive and at least moderate across gender thus indicating the direction for adoption of marketing communication
strategies to deepen the awareness of the innovation and encourage recommendation to others. The recommendation
suggested center on marketing communication strategies that involves use of role models, influencers, celebrities, health
practitioners and other referents to encourage the awareness and intention to recommend the innovation. The key
limitation of the study is on sample size and the use of cross-sectional survey design which could pose danger in
generalisation of the findings. However, it is concluded in the study that male users of mHealth innovation have higher
intention to recommend the innovation than the female users of the innovation.
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Introduction. In recent times, one of the significant trends and developments in the global health sector is
the drive towards digitisation of the healthcare sector. The present state of global healthcare shows incidence
of issues such as digital transformation and healthcare delivery model convergence which was highlighted
more by COVID-19 pandemic (Deloitte, 2022). These are results of increasing global health issues such as
rising rate of non-communicable diseases which according to World Health Organisation (2015) is
exacerbated by factors such as globalisation of unhealthy lifestyle. This has led to consumer-centric healthcare
and promotion of the digital healthcare market such as telemedicine and wearables (World Economic Forum
and Accenture, 2016; Yeganeh 2019). To create meaningful impact in healthcare, Dwivedi et al., (2016)
suggested health restructuring that has consistency and coherence with the present society’s mobile lifestyle.
This is significant because of the benefits of technological innovations and its applications on health. It is
becoming important in healthcare. However, there are rising concerns between patients who have affinity to
the innovation to handle their health and the inflexible health systems with health workers who have
challenges to adapt to the rapid changes (Mesko et al., 2017).

mHealth or otherwise mobile health involves enhancement of mobile health service using the applications
of mobile technology such as smartphones and personal digital assistants that has software applications
support (Gagnon et al., 2016). Generally, World Health Organisation (2011) defined it as “medical and public
health practice supported by mobile devices, such as mobile phones, patient monitoring devices, personal
digital assistants (PDAs), and other mobile devices”. In early stages, limited scientific studies exist about
mHealth’s effectiveness (Free et al., 2014; Aranda-Jan et al., 2014) with studies indicating uniqueness of
mHealth features to be important in assessing determinant factors (Gagnon et al., 2016). Others argued about
its failure to meet stakeholders’ expectation of its adoption (Kearney, 2012) with reasons inferred to be from
the notoriety of late adoption of the healthcare sector towards innovations (Norris et al., 2009), poor awareness
of its potentials (Kayyali et al., 2017), literacy issues about mhealth (Lin and Bautista 2017) and influence
from peers (Van Woudenberg et al., 2018). In the present time, it is rarely about effectiveness. With the impact
of COVID-19 highlighting its importance, Bassi et al., (2020) assert that it was helpful during the pandemic
in facilitating connection between patient and doctors. It is becoming useful in various ways such as delivery
and accessing healthcare services and information (Quaosar et al., 2018), and promotion of patient care and
accessibility in a cost-effective way (Babatunde et al., 2021). Though mHealth is in developmental stage, it
promotes communication and feedback between the user parties given its collaborative and mobility feature
(Nachandiya et al., 2020). In developing countries such as Nigeria, for the adoption to be successful it is
largely dependent on the user (Khan 2017) as evidences in the developing countries indicate poor rate of
adoption (Ndayizigamiye et al., 2018).

In African context, such as Nigeria the potential of mHealth is high particularly with the increasing
subscription level and ownership of smartphones in the country. As at May 2022, there are over 204 million
mobile subscriptions (The Nigerian Communication Commission, 2022) with 32% Nigerians owning
smartphones (Oyelola, 2021). These are important foundations for the success of mHealth. It is important in
any adoption of mobile technology. In Nigeria’s case, its importance and necessity is highlighted by the
decreasing doctor to patient ratio which is presently at 1:5000 against the recommendation of WHO which is
at 1:600 (Muanya and Onyenucheya, 2021) as a result of brain drain in the country. During the COVID-19
pandemic mHealth technologies were useful in accessing quality health information and services (Eduoh,
2020). Some of these mobile health apps that were very useful and has gained increasing downloads are
mobicure, hudibia, safermom (Babatunde et al., 2021) and mobile authentication service that facilitates control
of sale of fake and sub-standardised drugs (Oyetunde et al., 2019). They are not really replacing the traditional
physical consulting rather it is a facilitative innovation, supportive, complementary and useful means to
mitigate the rising challenge in healthcare (Nachandiya et al., 2020). Though some successes have been
recorded with its usage in Nigeria, issues such as unsustainable funding, business model that is unsuitable,
and challenges associated with fragmentation hinder deepening processes of mHealth (Ohuruogu et al., 2015).
Other challenges associated with mHealth adoption are non recognition of mHealth in eHealth policies in
addressing the gap on health issues, and potential promotion of health inequality upon full adoption
particularly among the disadvantage members in the country (Babatunde et al., 2021).

However, to overcome the challenges it will require addressing the factors militating against the successful
adoption of the technology (Nachandiya et al., 2020). mHealth belongs to the class of mobile technologies
that involves use of handheld devices that permits mobility and access to the network. Technological
innovations have their uniqueness. A key factor that has largely being used in the study of technological
innovations and intention studies is technological acceptance model (TAM) (Davis, 1989), and unified theory
of acceptance and use of technology (Venkatesh et al., 2003) among others. Several studies modify any of
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these models to meet the goals of their study. In addressing user behaviour to accepting novel technologies,
TAM have been widely used and modified with several modifications. For instance, in conducting a
metanalysis of factors influencing mHealth adoption in China Zhao et al. (2018) developed a model with
elements from different models. This is not dissimilar in study of technological innovations outside healthcare
such as the inclusion of subjective norm in online shopping (Oloveze et al., 2021), and perceived trust in user
behaviour to affective commitment (Oloveze et al., 2020). The essence is to address peculiar problems with a
theoretical support. Thus, the uniqueness of mHealth has led to more focus on the innovation in assessing its
usefulness and contribution to healthcare delivery (Zhao et al., 2018). Several studies on mHealth in Nigeria
have tried to broaden the concept, policies and its application because of its novelty (Nachandiya et al., 2020;
Babatunde et al., 2021; Ohuruogu et al., 2015). However, a few studies have explored the patient-centric
perspective (as end-users) from a multi-group dimension (gender).

The focus of the study is to evaluate the factors that determine the intention of end users to recommend
mhealth applications and services to others in Nigeria with a patient-centric concentration. Notably, patient-
centric approach will help to focus on individuals/patients with respect to the provision of healthcare by
healthcare providers.

Literature Review. The concept of mHealth deals with any tool or mobile devices not limited to
wearables, personal digital assistants and mobile devices that facilitates medicine and public health (Octavius
and Antonio, 2021). The mobile technology has been adopted in different healthcare issues such as adoption
in healthcare by nurses (Nezamdoust et al., 2022), universal health coverage (Babatude et al., 2021), health
organisation’s adoption (Currie 2016), and primary healthcare workers attitude (Kenny et al., 2017). The
growth of the mobile technology has been attributed to the rising ownership of mobile phones given its
estimated global statistics of 6.37 billion smartphone owners and 7.10 billion mobile phone owners (Turner,
2022) and the global subscription hitting 8.6 billion as at 2021 (O’Dea, 2021). People are using mobile phones
and smartphones for different purposes because of the opportunities and benefits it offer to individuals. Studies
show that users of mobile phone and smartphone use it to expose themselves to social life, improve quality of
life, communicate (Devendra, 2021) with the usage rising rapidly in Africa such that daily use by African
users are limitless in ways that indicates it being entrenched in their lives (Deloitte, 2016). In Nigeria, while
mobile penetration in urban and rural areas are increasing, Deloitte (2016) survey indicates that it is a way of
life given the situations of its usage which are high in public transport, watching movies, spending time with
friends and family, while they have the propensity to check their phones within 5 minutes of waking up from
sleep or sleeping. This clearly indicates that smartphones and mobile phones is a modern culture (Rashid et
al., 2020). Thus, the application of mobile technology to Health which is facilitated by these devices is noted
as mobile health behaviour. According to Zhao et al. (2018) it is classified as health behaviour.

On the other hand, the consumer-centric or Patient-centric healthcare involves «respectful of and
responsive to individual patient preferences, needs, and values, and ensuring that patient values guide all
clinical decisions» (Institute of Medicine (US) Committee on Quality of Health Care in America, 2011). It is
broadly seen as any healthcare approach that focuses on patients and respects their dignity and worth (Tzelepis
et al., 2015). According to Ngongo et al., (2019) it is one that facilitates communication between patients and
doctors or any healthcare provider (Ngongo et al., 2019). In this regard, several studies have utilised different
information technologies such as TAM, Theory of planned behaviour (Ramirez-Correa et al., 2020) unified
theory of acceptance and use of technology (UTAUT) (Zhang et al., 2019), motivation theories (Li et al.,
2016), and UTAUT and health belief model (HBM) (Difio and de Guzman, 2014) to study mobile health
innovation. The essential understanding from these studies was that there are differences in findings which
could be from factors such as sample size and its characteristics, major concentration on traditional consumer
adoption models, or the context of the study. While extant literature showed the significance of some factors
such as awareness, social influence and effort expectancy (Ndayizigamiye et al., 2020), perceived ease of use
and perceived usefulness on mHealth (Nezamdoust et al., 2022) studies rarely focused on gender intentions
to recommend mHealth. This is important because adopting an innovation and recommending the innovation
differ and could depend on different factors such as mobile technology literacy, innovativeness and ICT skills.

Gender differences among users of technological innovations have been highlighted in extant studies to be
critical in adoption of technological innovation. Given the end-user delay in adoption as one of the contending
challenges to mHealth service (Zhang et al., 2020; Rahi et al., 2021), the context of gender differences is an
important consideration. In several models dealing with relationships, gender has been deemed to be important
(Haetal., 2007) following its relevance in information technology models that began from 1990 which Gefen
and Straub (1997) asserted that has been largely omitted in behavioural studies. The gender context has been
applied in different areas such as mobile payment systems (Liébana-Cabanillas et al., 2018), mobile
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commerce (Lu et al., 2017), and loyalty toward internet service providers (Sanchez-Franco et al., 2009). This
dimension is important in mHealth given its lack of attention in literature. The obvious health disparity in
gender following some health indicator differences such as life expectancy, usage of health services (Matud,
2017) demands attention in adoption of mHealth with clarity on gender perspective. Studies on gender in
health have often focused on mortality and morbidity and patterns of diseases amongst them (Springer et al.,
2012), mental health (Rosenfield and Smith, 2010), wellbeing (Diener and Ryan, 2014) and determinants of
gender differences in health (Bird and Rieker, 1999). With the emergence of mobile technology in health,
there is paucity of empirical literature evaluating the differences among gender in adoption or
recommendation of mHealth.

However, intention to recommend (ITR) is often a consequence of experience either directly or indirectly
(Kang and Choi, 2018). It takes the form of communication which can be passed through word of mouth, the
social media or through any other information communication means. The information can be positive or
negative (Kang and Choi, 2018). Intention to recommend e-innovation can be dependent on some factors such
as quality perceptions (Finn et al., 2009). In other words, perceptions of users of technological innovations
are vital when using a device as it can influence their intentions to recommend the innovation. In this regard,
extant literatures indicate difference between male and female preferences (Debrand and Johnson, 2008) and
in their attitude and behaviour (Kim et al., 2012). For instance prior to recommendation male and female tend
to be moved by factors such as functional value by male (Yang and Lee, 2010) and relational value by female
(Chan et al., 2015) as this can play a role in their tendencies to recommend a service or product.

On the other hand, while several models such as HBM, TAM, UTAUT, theory of planned behaviour (TPB),
and protection motivation theory (PMT) among others have been used to study mobile technology in mHealth
it has been more of utlisation of variables from these models to address uniqueness of the problems. In this
regard, given the key drive of the study on intention to recommend mHealth with a multi-group context and
a social psychology perspective, theory of reasoned action (TRA) by Fishbein and Ajzen (1975) was adopted
with modifications. The theory emphasises attitude and subjective norm to be fundamental in behavioural
intention prior to the actual behaviour. It is most successful in situations where the behaviour is under
individual’s decision and control. The importance of the theory to mHealth adoption is indicated by Zhang et
al. (2014) who asserted the importance of attitude in the adoption of the innovation. The health dimension of
the theory can be helpful in discovering where to target marketing communication strategies, awareness
campaigns and other strategies that will help in changing adoption behaviour and intention to recommend
mHealth technology.

Essentially, TRA posits subjective norm (SN) to be critical in behavioural intention. Subjective norm deals
with the perception of individuals on what most people that are important in their live think about adopting
behaviour (Fishbein and Ajzen, 1975). The subjective perception deals with social pressures that influence
the individual to move in a desired way. Beliefs and motivation are key components of subjective norm
(Ramos de Luna et al., 2019). With belief the individual has a reliance on the opinion of the referent while
with motivation the individual is driven to behave according to the referent’s direction. However, the level of
motivation is dependent on how the group norm and the characteristics of the innovation are compatible with
each other (Graham, 1956). In this instance, the influence of third parties is highlighted in technological
innovations such as mHealth as Jiang et al., (2016) asserts that it can contribute to an individual being moved
to conform to the referent’s expectation. Particularly, when the influence is favourable it tends to increase
adoption of technological innovation (Webster and Trevino, 2017). Most importantly, subjective norm is
highlighted in situations where individuals lack usage experience and are uncertain about adoption of
behaviour because of presumed consequences of such action thereby leading the individual to seek others’
opinion (Oloveze et al., 2020). The importance of the variable is highlighted by its inclusion in various studies
such as user behaviour to point of sale terminal (Oloveze et al., 2020), mobile payment systems (Ramos de
Luna et al., 2018), microblogging (Jiang et al., 2016), and NFC mobile payments (Liébana-Cabanillas et al.,
2018) among others. With studies on mHealth, its significance on intention to adopt behaviour is highlighted
(Ndayizigamiye et al., 2020; Almegbel and Aloud, 2021; Zhang et al., 2014) but not significant in continuance
intention to adopt mHealth services (Asvinigita et al., 2022). With the following discourse and the direction
of the study on end-user’s intention to recommend mHealth services, the following hypotheses are proposed:

H1: Subjective norm is positively related to behavioual intention to recommend mHealth innovation and
significantly stronger among male than female

H2: Subjective norm positively correlates perceived benefit of mHealth innovation and significantly higher
among male
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H3: Subjective norm positively correlates effort expectancy of mHealth innovation and significantly higher
among male

Perceived benefit (PB) is a concept that deals with individual’s belief of having a better state after adoption
(Kim et al., 2008). It is a function of several attributes that includes tangible and intangible attributes,
functional and non functional gains, intrinsic and extrinsic gains which could be derived directly or indirectly
(Lee, 2009; Choi et al., 2013). From the point of theory of rationality, behaviour results from rational
computation (Alvarez and Porac, 2020). This provides understanding to the motivation of actions from
attached benefits (Chen et al., 2022). It is a key variable of HBM which combines with other variables such
as susceptibility and severity to influence behavioural intention (Pan et al., 2020). Mobile technologies like
mHealth offer some benefits such as convenience in form of utilities like time and place (Pal et al., 2015). In
healthcare, mobile technological innovation is indicated to be useful to end users such as healthcare
practitioners in effective communication, information management, clinical decision making, and monitoring
of patients (Ventola, 2014). In situations where there is higher projection of perceived benefits associated with
mobile technologies, individuals are positively influenced towards behavioural adoption but negatively
influenced in cases of few benefits (Keeny et al., 2017). Thus, innovations like mHealth can be easily adopted
by patients when the benefits are obvious to them (O’Connor et al., 2016). However, poor awareness can
impact successful adoption by them (Khatun et al., 2016). Extant studies indicate how users’ perception of
benefit influences adoption of behaviour (Petter and McLean, 2009). For instance, there is a tendency for
patients to adopt a behaviour that satisfies them and meets their needs (Motamarri et al., 2014). In this regard,
when mHealth meets end-users’ need, they will likely recommend it. In the context of the study on end-users’
intention to recommend mHealth, the researchers proposes the following hypotheses:

H4: Perceived benefit is positively related to behavioural intention to recommend mHealth innovation and
significantly stronger among male

H5: Perceived benefit positively correlate effort expectancy of mHealth innovation and significantly higher
among male

Effort expectancy (EE) is about the extent of ease involved in the use of mobile technology (Venkatesh et
al., 2012). It is key variable in UTAUT. In some literatures it was likened to perceived ease of use by Davis
(1989). It is considered to be one of the significant factors that influence the adoption of mobile technology.
This is because users place emphasis on the ease of using a technology before adoption (Venkatesh et al.,
2012). Thus where there is less effort required to use the technology, the chance of adoption is high (Shareef
et al., 2017). In relation to mHealth, the presence of user-friendliness is considered important while being
simple to use and easy to navigate without having several steps to follow to get what they want (Nguyen et
al., 2022). In addition, limiting the use of medical terminologies and having an easy sign-up mechanism are
key contexts that are considered vital in mHealth (Nguyen et al., 2022). Extant studies indicate that it
determines user intention to adopt mHealth (Zhang et al., 2017; Almegbel and Aloud, 2021).

H6: Effort expectancy is positively related to behavioural intention to recommend mHealth innovation and
significantly stronger among male

H5 Effort expectancy
H6
H3 _ ) H4 Intention to
Perceived benefit ™ Recommend
H2
H1
Subjective norm

Figure 1. Proposed structural model
Sources: developed by the authors.
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Methodology and research methods: The study is a cross-sectional design. The questionnaire was
adapted from extant literature. Effort expectancy and subjective norm (social influence) were adapted from
Almegbel and Aloud (2021), perceived benefit was adapted from Chaniotakis and Lymperopoulos (2006),
while intention to recommend was adapted from Octavius and Antonio (2021) with the items scaled on 7 point
Likert scale that has the value of 1 as strongly disagree and 7 as strongly agree. All the variables have 4 items
each except subjective norm that has 3 items. The questionnaire was structured in three sections that involve
the introduction a brief to mHealth, demographic variables, filter question, and the constructs of the study.
The questionnaire was subjected to preliminary test using face validity and content validity through expert in
the field. The moderated questionnaire by the experts were distributed through snowball sampling given that
it will enable the researchers connect to individuals with experience on mHealth (Oloveze et al., 2022). The
use of filter questions «have you ever used mobile health application or service or innovation» and «have you
ever used any of mobicure app, hudibia app, safermom app or mobile authentication service that checkmates
fake and substandard drugs» were used to screen out irrelevant responses. To limit the effect of common
method bias (CMB), the questions were word in negative and positive way to control extreme and
acquiescence responses. This was in addition to the experts input on the questionnaire. The data collection
lasted about seven months.

Results. The analysis of the data was done with IBM SPSS 23 and Amos 23 software package. In the first
place, within the period of the data collection, 291 valid questionnaires were collected after removing the
irrelevant ones that was less than 10% of the total collected questionnaire. Herman’s single factor technique
was used to check for the significance of the CMB. By adjusting all factors to single factor the value of 46.78%
indicates that CMB do not have significant influence given that the threshold is 50% (Kalinic et al., 2019;
Oloveze et al., 2022). Secondly, factor analysis was conducted using principal component analysis with
varimax rotation technique. The values of KMO (Kaiser-Meyer-Olkin) and Bartlett's Test of Sphericity were
0.935 and 3321.383(0.000) respectively. This confirms the sampling adequacy (KMO need to be more than
0.5) and rejection of rejection of non-existing difference between correlation and identity matrix respectively
(p<0.001). In addition, the values of the communalities were all above 0.5 thus indicating good representation
of the variables. Thirdly, the confirmatory factor analysis that was conducted show that all the factor loadings
were above 0.6. Cronbach alpha (CA) and composite reliability (CR) were used to test the reliability. All the
variables exceeds the minimum threshold for reliability [(CA: EE = 0.864; PB = 0.906; SN = 0.873; ITR =
0.894)(CR: EE=0.844; PB =0.806; SN =0.767; ITR = 0.872) thus indicating adequate reliability as indicated
in extant literature (Hair et al., 2011). The convergent validity done through average variance extracted (AVE).
The results (AVE: EE = 0.576; PB = 0.510; SN = 0.523; ITR = 0.631) met the recommended values in
literature (Hair et al., 2011). Further illustrations are on table 1.

Table 1. Confirmatory factor analysis and descriptive statistics

Variable Item Factorial Cronbach Composite Average Mean  Standard
loadings Alpha reliability  variance deviation
extracted
Effort expectancy  EE1 .688 .864 .844 576 5.76 1.310
EE2 817 5.88 1.177
EE3 718 5.41 1.337
EE4 .804 5.91 1.275
Perceived benefit ~ PB1 748 .906 .806 510 5.77 1.136
PB2 .700 5.89 1.109
PB3 .681 5.94 1.161
PB4 725 6.02 1.161
Subjective norm SN1 .686 873 767 523 5.41 1.157
SN2 707 5.68 1.138
SN3 774 5.84 1.172
Intention ITR1 745 .894 872 .631 6.19 1.076
to recommend ITR2 .805 6.05 1.104
ITR3 .832 6.14 1.012
ITR4 .793 6.35 0.979

Sources: developed by the authors.
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The key demographic profiles used were gender and age. The results show 59.5% male and 40.5% female
while 54.6% being above 36 years and 45.4% were below 36 years. They are further illustrated in figure 1
and 2 respectively.

m Male ®Female

173

595 40,5

Frequency Percent

Figure 2. Gender
Sources: developed by the authors.

m Age Above 36 years  m Age Below 36 years

159

Frequency Percent

Figure 3. Respondents’ Age
Sources: developed by the authors.

The proposed hypotheses were analysed using structural equation model (SEM). Firstly, the parsimony
and incremental fit measures were analysed with the results indicating reasonable goodness of fit model. The
various values met the thresholds besides GFI and RFI which are marginally acceptable. The result is further
illustrated on table 2.

Table 2. Structural model fit indices in the proposed model

Fit indices Recommended value Value in structural model Reference

CMIN/DF <5.00 1.93 Bentler and Paul (1996)
RMR <0.08 0.07 Pituch and Stevens (2016)
GFlI >0.90 0.88 Hair et al., (2010)

AGFI >0.80 0.82 Hu and Bentler (1999)
NFI >0.90 0.91 Byrne (1994)

RFI >0.90 0.88

IFI >0.90 0.95 Bollen (1989)

TLI >0.90 0.94 Bentler and Paul (1996)
CFI >0.90 0.95 Schumaker and Lomax (2016)
RMSEA <0.08 0.06 Hu and Bentler (1999)
PCLOSE >0.05 0.12

Notes: RMR/SRMR = Standardized root mean squared residual. GFI = goodness-of-fit index. AGFI = adjusted goodness-of-fit index. NFI =
Normed fit index. RFI = relative fix index. IFI = incremental fit index. TLI = Tucker-Lewis index. CFl = Comparative fit index. RMSEA = Root mean
squared error of approximation

Sources: developed by the authors.

In carrying out the analysis through SEM, multi-group path analysis was conducted. The sample was
divided in two groups of male and female to ascertain each group’s intention to recommend mHealth and
determine appropriate strategies to encourage adoption of mHealth. Based on this, invariance analysis was
used to determine significant difference. This was done by comparing the chi-square values and degree of
freedom of the constrained model and the fully constrained model. The result shows that the fully constrained
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model has a worsening significant overall model fit (x*=341.898, df = 166, p <0.05). A chi-square difference
test was conducted to test the significance. Therefore, the null hypothesis of all paths being the same for the
groups was rejected. Thus, the unconstrained path model proved to be better and adequate fit to the data. This
is consistent with the approach adopted by Molina et al. (2013) in conducting multiple group analysis of the
role of everyday discrimination on self-rated physical health among Latina/os in the United States. The results
are further illustrated on table 3.

Table 3. Invariance analysis

Model Difference Difference Threshold for significant

chi-square ' Chi-square df pvalue chi-square difference __'MVariant
Unconstrained 309.465 160 32.433 6 0.000013 32.433 No
model
Fully 341.898 166
constrained
model

Sources: developed by the authors.

Following the proposed hypotheses and the structural model, SEM with maximum likelihood method was
used given that it is deemed efficient in determining the parameters of a model because of its consistency in
estimation. Out of the six hypothesised relationships five hypotheses were significant with the path between
effort expectancy and intention to recommend mHealth (H6: EE—ITR) not statistically significant for both
groups (male and female). In analysing the group differences, the beta coefficient and the p-values were used.
Firstly, the key paths in the structural model are H1, H4 and H6 while H2, H3 and H5 are correlations between
the exogenous variables. Generally, in analysing the paths (H1, H4 and H6) the results show that the path
SN-ITR (H1) indicates that subjective norm significantly predict the intention of end-users to recommend
mHealth for both groups while perceived benefit (PB—ITR for H4) only predicts male users’ intention to
recommend mHealth and not for female users of mHealth. Thus, for H1, the result shows that the p-values for
both male and female users of mHealth are statistically significant (p<0.001) and a higher intention for male
users to recommend mHealth to others than the female users of mHealth. This is consistent with studies of
Zhang et al., (2014) from the aspect of male users of mHealth having a stronger adoption of mHealth than
female users. For H4, the result indicates a significant stronger prediction of intention to recommend mHealth
among male users though the result of female users was not statistically significant. In accessing the
correlations between the exogenous variables for both groups, the results generally show stronger correlations
among the exogenous variables for male users of mHealth than the female users. For H2, the relationship
between subjective norm male users of mHealth innovation and their perceived benefit of the innovation is
stronger while it is average in the case of female users. For H3, the estimated relationship between subjective
norm of male users of mHealth innovation and effort expectancy is also higher among male users than female
users of mHealth. The correlation for female users was also average. However, in respect to H5 which is the
relationship between perceived benefit and effort expectancy, both groups indicate strong correlations though
male users of mHealth innovation show higher correlations than female users. In assessing the predictive
power of the model for the two groups, the R? for male users of mHealth indicate better explanation of the
variance than the variance explanation accounted in the model for the female users. At .817, the predictors
explained 81.7% of the variance for the male users of mHealth innovation while at .719, the predictors
explained 71.9% of the variance for the female users of mHealth innovation. The results are further illustrated
on table 4 and figure 4.

Table 4. Hypotheses tests

Hypotheses Relationship Standard coefficient Standard coefficient Difference
Male P-value T-value  Female p-value T-value

H1 SN-ITR .603 .000 7.527*** 488 .000 4.911***  Yes

H2 SNePB .786 572 Yes

H3 SN-EE 728 534 Yes

H4 PB—ITR 214 .023 2.274** .035 .805 .246(Ms) Yes

H5 PB—EE .817 779 Yes

H6 EE-ITR -.005 941 -0.073(9 025 .845 .196(s) Not significant
R? ITR .817 719 Yes

Note: p<0.001; p<0.05; n/s = Not significant
Sources: developed by the authors.
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Figure 4. Structural model results
Sources: developed by the authors.

Conclusion: The study considered a multi-group analysis to end-users’ intention to recommend mHealth
innovation in Nigeria. Focus was specifically on mobicure, hudibia, safermom and mobile authentication
service without excluding other mHealth innovations such as ones mHealth tools (InStrat COVID-19 health
worker training app by Otu et al. (2021) that was used to support COVID-19 training and surveillance in Ogun
State.

Firstly, the indications from the group model shows that the unconstrained model provided a better fitting
model than that fully constrained model which indicated worsening fit model. The goodness of fit of the
unconstrained model shows that all the values met the recommended thresholds thereby confiming the model
to be adequate and acceptable. Further analysis generally shows that male users of mHealth innovation have
stronger intention to recommend the innovation to others than the female users. This is not contrary to the
results of adoption whereby men show higher tendency to adopt information systems and other mobile
technologies than the female users (Zhang et al., 2014). This is often dependent on the men looking for
functional values than women who are for relational values.

Secondly, from the multi-group analysis subjective norm is the most significant predictor for both groups.
The essence of subjective norm is further highlighted by its dual functions of referents influence on others’
belief and their motivation to adopt behaviour. The vital aspect of this result is that with experience from
usage, they serve as referents in recommending the innovation to others while at the same time being
influenced by other users to motivate them to recommend it others. With the result of the intention to
recommend being higher among male users of mHealth innovation than female users, it indicates direction of
marketing communication strategies. For instance in targeting male users, emphasis is to be placed on
functionality of the mHealth innovation given that men are driven by functional values than women (Yang
and Lee, 2010). This is vital given that the perceived benefit is indicated to be statistically significant in
predicting male users’ intention to recommend mHealth innovation. In other words, the more male users
perceive any rationality in adopting the innovation, the chance of recommending the innovation to others
increases. In this guise, the emphasis is placed on user friendliness, ease of navigation, ease of sign-in and
sign-up, use of medical terminologies that are not complex to understand but importantly on its usefulness
and awareness of its usefulness to connect to health practitioner, manage, control and improve health.

Thirdly, the relationships between the latent variables show that there is better correlation of the variables
among male users of mHealth than female users. More importantly it indicates there is at least average
relationship between the each of the proposed relationships across gender. This deepens the knowledge that
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third party, rationality in use of the innovation, and the involvement of less effort are all vital in having a
positive recommendation of mHealth innovation. The relations are at least moderate and positive thereby
showing the direction of relationship when articulated in marketing communication strategies to mHealth
innovation.

In conclusion there are gender differences in recommending the mHealth innovation to others because of
social differences in perceiving mHealth innovation and the usefulness easily observed and perceived by them.

Following the findings of the study, recommendations are suggested. The significance of the subjective
norm among the groups calls for adequate marketing communication strategies. This might involved the use
of role models, celebrities, revered and followed politicians, top health practitioners and their medical
body/association (Nigerian medical association), top influencers including social media influencers, and other
health associations to spread the information about its usefulness and the benefits of having it on the mobile
phones or smartphones. This is important given that it will encourage management of health and reduce the
stress on the medical practitioners in Nigeria who were already overwhelmed with the number of patients to
attend to (1:5000). In addition, with the communication strategy the emerged culture of Nigerians tendency
to check their mobile phones and smartphones within 5 minutes to sleep or waking up will help draw their
attention to their health before sleep and after waking up from sleep each day.

Moreover, in the process of the study, there are limitations which should guide generalisation of the
findings. The study is purely a cross-sectional survey. It used a sample size that can be considered small which
impliedly should guide application of the findings in a society.
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AMOpo3e Orgonna OJjioBe3e, YHIBEpCUTET CUTLCHKOTO TocnioyiapcTBa Maiikia Oxmnapa YMyike, mrat AGis

MacxaJiii AnaiiouykBy YrBy, YHiBepcuteT HHamni A3ikiBe ABka, Hirepis

Padaear Banentun O6o0m0eui OxOHKBO, YHIBEpPCHTET CUTBCHKOTO rocmomapcTBa Maiikma Oxkmapa Ywmymike,
mrat AOGis

BikTop UykBymeka Oxeke, YHiBepcuter Huamuai AszikiBe ABka, Hirepist

KeasBin UykByoimc, enepansuuii yHiBepcutet Anekc ExByeme, Hirepist

Emmanyens Onbenikadi AxaliBe, YHIBEpCUTET CUILCHKOTO rocroaapcTsa Maiikina Oxmapa YMynike, mrat AGis

DakTOpH, M0 BIUIMBAKTH HA MOBENIHKY CHOKHBA4iB y YacTHHI pekoMeHaauii mocayr y cpepi mHealth:
MHOKUHHHUI rpynoBuUii aHai3

IHHOBAIIT MOOUTBFHOTO 3/J0POB’S — II¢ iIHHOBAIIIT B raJTy3i OXOPOHH 370POB’ s, SKi HA0YBAIOTh MOIIUPECHHS B KpalHax,
mo possuBatoTeca. B COVID-19 i BigTik Mi3kiB MeOWUHUX MpaliBHUKIB y Hirepii cBimgate mpo 3pocTaHHS
Ba)XXJIMBOCTI iHHOBaIi. He3Bakaroun Ha 3HAYHY KiNBKICTh JOCIIIKEHb MUTAHHS iHHOBAIIiHl B cepi OXOPOHH 3I0POB A,
Ioci Opakye JiTepaTypH Ipo GakTOPH, SKi BILIMBAIOTH HA CII0KWBAYiB Y YACTHHI TOTOBHOCTI peKOMEHIYBaTH iHHOBAIIii
B cdepi MOOUTBHOTO 310poB’a. OCOOIMBO BiMUyBa€ThCsS HEcTada JOCTIIKHBb IIHOTO MHUTAHHS 3aJEKHO BiA (akTopy
TCHICPHOI HANEKHOCTI. ABTOPH NOCIIAWIN NETEPMIHAHTH TOBEHIHKOBHX HAMIpiB KIHIIEBHX KOPHCTYBadiB IIOAO
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pexkoMeHanil inHoBanii mMHealth nusixom ananizy kinekox rpymn. Teopis apryMeHTOBaHHX [iid Oyiia MonudikoBaHa 3a
JIOTIOMOT'OI0 3MIHHHX 13 MOJIeJIi TepeKOHaHb Y 310pOB’T Ta yHi(iKoBaHOI Teopil MPUIHHATTS Ta BAKOPUCTAHHS IHHOBAIIIH,
06 CTpyKTYpyBaTH HaMip pekoMmeHayBatu moaeiab MHealth. CtpykTypoBaHa aHKeTa 3 aJanTOBaHUMH €JIEMEHTAMH 3
ICHYIOUHX HOCHIIPKeHb Oyia oIliHeHa 3a ceMuOanbHOIO mmKanoro Jlaiikepra. [ms 300opy maHux Oyia BHKOpHCTaHA
METOJMKa BHOIPKH «CHIKHA KyJIs». 3arajoM BigUoBiAi Ha 3anuTaHHs 3 291 aHKeTH Oy BHKOPHCTaHI B aHAMi3i, SKUH
mpoBouBcs 3a momomororo IBM Statistics Bepcii 23 i AMOS 23. V pocnmimkeHHI BUKOPHUCTOBYBAIUCS OITHMCOBA
CTaTHUCTHKA, MOJENb CTPYKTYpHUX PIBHSHB 1 IHBapiaHTHHH aHali3, 00 MEepPEeBIpUTH Pi3HUIIO MK rpymamMu. Monensb
ToKa3ala JOCTaTHIO BiATIOBITHICTb, IO MOKA3yIOTh HAa0lp iHAEKCIB BiAMIOBIIHOCTI Ta KOe(IIlieHT CIiBAeTepMiHALii, IO
BKa3ye Ha ii BUCOKY MpPOTHOCTHYHY 3aaTHiCTh. Ananiz SEM moka3ye, 1o cy0’eKTHBHA HOpMa € HAaWBaXKJIUBIIIAM
(axkTopoM, SIKMH BIIMBAa€E HA HaMIp KiHIIEBUX KOPHCTyBauiB pekoMeHnyBaTH iHHOBauii mHealth inmumm. 3aranom ne
BKa3ye Ha Te, 10 KOPUCTYBayi YOJIOBIUOi CTAaTI MaOTh OUILIINK HaMip pekoMeHayBaTu iHHoBalii mHealth, Hix xiHKH,
SIKi KOPHUCTYIOThCsl iHHOBauissMu mHealth. Pesynbrati ananizy Takox MoKa3yroTbh, IO KOpEJsLii MiXX €K30M€HHHUMHU
(akTOpamMH € MO3UTUBHUMH Ta NMPUHAWMHI MOMIPHUMH MDXK CTATTIO, IO BKa3y€ Ha HANpPSIMOK NPHUHATTS CTpaTeriit
MapKeTHHTOBOT KOMYHIKamii /Uil MOriauOiieHHs 00i3HAaHOCTI PO 1HHOBAIIO Ta 3a0XOYCHHS PEKOMEHIAUiN 1HIIHM.
ABTOpH PEeKOMEHAYIOTh 30CCPEIUTHCS Ha CTPATETIsIX MapKETHMHTOBHX KOMYHIKaIlil, fKa mependadae BUKOPHUCTaHHS
3pa3KiB JJIs HACNiAyBaHHS, BIUIMBOBUX OCi0, BIIOMHX OCOOHMCTOCTEH, JIKapiB-TIPAKTHKIB Ta iHIINX peQepeHTiB At
320X04YeHHs 0013HAHOCTI Ta HAMipy PEKOMEHAYBaTH iHHOBAIIIIO.

Kaiouosi ciioBa: mHealth, oxopona 310poB’s, Opi€eHTOBaHa Ha CIIO)KMBaya, PUHOK OXOPOHH 3/J0POB’ s, TOBEIHKOBI
HaMipHu, MOOLITBHI TEXHOJIOTII.
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